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The Challenge of a New Era

“Every era of economic history has had one scarce resource worth optimizing.
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The Industrial Era — Optimizing Physical Output
The industrial economy was constrained by physical throughput. Factories produced value. Machines
amplified labor. The limiting factor was how many units could move off the line per hour, per shift, per year.
The discipline that emerged to govern this constraint was scientific management — the systematic study of
how physical work was organized, sequenced, and optimized. Frederick Taylor measured it. Henry Ford
systematized it. The capital allocation question of the era was simple: where do we put physical resources to
maximize output?
The scarce resource was productive capacity. The discipline that governed it was operations management.
Organizations that mastered it built industrial empires. Those that did not were consumed by those that did.

The Information Era — Optimizing Data Processing
The information economy was constrained by processing throughput. Value shifted from physical output to
informational output — transactions completed, records managed, decisions supported. The limiting factor
was not the factory floor. It was the data center.

The disciplines that emerged were enterprise computing and information management — ERP systems,
relational databases, transactional architectures. The capital allocation question shifted: where do we put
compute resources to process information at the lowest cost and highest reliability?

The scarce resource was information processing capacity. The discipline that governed it was IT management.
Organizations that treated information as an asset to be managed — not merely a byproduct of operations —
gained structural advantages that compounded for decades.

The Cloud Era — Optimizing Infrastructure
The cloud economy was constrained by infrastructure flexibility. The limiting factor was no longer whether
you had a data center — it was whether you could scale compute, storage, and network on demand, without the
fixed-cost burden of owned infrastructure.

Cloud computing dissolved the distinction between “we have capacity” and “we need capacity.” Every
workload became a variable cost. Every resource became rentable by the hour. The capital allocation question
evolved again: how do we consume infrastructure at the right scale, at the right moment, at the lowest unit
cost?

The discipline that emerged was cloud financial operations — making consumption visible, attributable, and
optimizable. The scarce resource was infrastructure efficiency. Organizations that governed it deliberately
built cost structures their peers could not match.

The AI Era — Optimizing Inference
The AI economy is constrained by something that has no precedent in any prior era: inference behavior.
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Al does not create value by processing transactions or running workloads. It creates value by generating
inference — synthesizing information, producing novel outputs, reasoning under uncertainty, and acting on
behalf of humans at a scale and speed no human workforce can match. The limiting factor is not the data
center. It is not the model. It is the behavior of the people, systems, and agents that invoke the model — how
they ask, how often they ask, how much they send, how autonomously they act.

This is a structural break from every prior era. In the Industrial Era, a worker could not double the cost of a
factory by working differently on a Tuesday afternoon. In the Cloud Era, a user could not meaningfully change
infrastructure costs through their application behavior alone. In the AI Era, two people performing the same
task can generate materially different cost because they choose different models, context volumes, and iteration
patterns. An agent without a circuit breaker can amplify that variance at machine speed.

The scarce resource of the Al Era is not compute. Compute is abundant. The scarce resource is behavioral
alignment — the discipline of ensuring that the behaviors generating Al inference are proportionate to the
business outcomes those inferences produce.

The discipline that governs this is Al Financial Behavior Management.

Four Eras. Four Constraints. Four Disciplines.

The question AIFBM answers — are the behaviors generating Al cost proportionate to the outcomes they
produce? — is the defining governance question of the AI Era.

What operations management was to the factory floor, AIFBM is to the inference layer.

Executive Summary

The Al Cost Crisis

Enterprise Al has reached a financial inflection point. In the 2025 State of AI Cost Management
survey of 372 enterprises, 85% of respondents reported missing Al cost forecasts by more than 10%,
and 80% reported missing Al infrastructure forecasts by more than 25%. These findings are a
warning signal, not a universal incidence estimate. They expose a structural weakness in
conventional cost governance: Al cost is shaped not only by price and infrastructure, but also by

how people, applications, and agents use, prompt, select, integrate, and govern AL!

m Key Finding
In a 2025 survey of 372 enterprises, 85% of respondents reported missing Al cost forecasts by more than 10%,

and 80% reported missing Al infrastructure forecasts by more than 25%. The industry-sponsored result is a
directional warning signal, not a universal incidence estimate. See Appendix E, section 7.
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The Core Insight

The core insight is simple: a material share of avoidable Al spend begins upstream, in a decision,
behavior, or architectural default. Prompts carry unnecessary context. Frontier models are selected
by habit. Reusable outputs are regenerated. Agents operate without economic boundaries. These
patterns can be managed at scale, but only when the enterprise can identify and influence them

before they harden into spend.

AIFBM Defined

m Official Definition

Al Financial Behavior Management (AIFBM) is the enterprise discipline of identifying, measuring,
influencing, and governing the human and system behaviors that are the root drivers of Al cost — proactively,

before costs are incurred, and continuously, as AT usage evolves.

AIFBM defines an original enterprise discipline for governing that upstream layer. It connects Al
strategy to Al spend by making cost-generating behavior observable, measurable, influenceable, and

accountable.

What AIFBM Is NOT
AIFBM is not a replacement for FinOps, Al governance, MLOps, procurement, or enterprise
architecture. It complements them by governing a distinct concern: the economic consequences of

human, application, and agent behavior.

The Framework at a Glance
AIFBM operates across five behavioral domains, each representing a distinct category of behavior
that drives Al cost:

1. Usage Behaviors — Who uses Al, when, how often, and for what purpose.

2. Model Selection Behaviors — Which models are chosen, by whom, for which tasks.

3. Prompt Engineering Behaviors — How users and systems construct inputs to AI models.

4. Integration & Automation Behaviors — How Al is embedded in workflows, agents, and

automated pipelines.
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5. Governance & Policy Behaviors — How organizations set, enforce, and evolve Al usage

policies.

The Business Case

Organizations that manage cost-driving behavior can reduce avoidable spend while protecting

useful capability. This paper uses a 25-to-45-percent opportunity range as an AIFBM planning

hypothesis informed by adjacent FinOps, cloud-optimization, provider-pricing, and productivity

evidence—not as a benchmark or promised result. Each organization must test the opportunity

against an instrumented baseline. The durable prize is larger than a one-time saving: a repeatable

capability for improving value per dollar as Al usage evolves.?

FIGURE 1

Four Economic Eras

Each economic era introduced a new scarce resource and a new governing discipline.
Al introduces inference behavior as the defining constraint of enterprise economics.

Era1

Industrial Era
(1900 - 1980)

Defining Constraint
Physical capital

Scarce Resource
Machines and labor

Governing Discipline
Operational efficiency

Key Question
“How do we produce
more with fewer resources?”

Era 2

IT Era
(1980 - 2005)

Defining Constraint
Information access

Scarce Resource
Compute and data

Governing Discipline
IT management

Key Question

“How do we acquire, deploy,
and manage technology

at scale?”

Era 3
Cloud Era
(2005 - 2020)

Defining Constraint
Elastic capacity

Scarce Resource
On-demand consumption

Governing Discipline
FinOps

Key Question

“How do we manage variable
consumption and align it
with business value?”

A NEW ECONOMIC ERA REQUIRES A NEW DISCIPLINE

)

Era 4

Al Era
(2020 - Present)

Defining Constraint
Inference behavior

Scarce Resource
Attention, tokens,
and intelligence

Governing Discipline
AIFBM

Key Question

“Are the costs generated by
Al inference proportionate
to the outcomes they
produce?”

Figure 1. Each economic era introduced a new scarce resource and a new governing discipline. Al introduces inference behavior
as the defining constraint of enterprise economics.
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FIGURE 2

Evolution of Enterprise Economics

The governing question of enterprise economics evolves with each era.

In the Al Era, the question is behavioral: are the costs generated by Al inference proportionate

to the outcomes they produce?

A
IT Era Cloud Era

Industrial Era (1980 - 2005)
(1900 - 1980) '

Scarce Resource
Compute and data

Scarce Resource
On-demand consumption

ENTERPRISE H
VALUE /.

POTENTIAL ;

Scarce Resource

Machines and labor

Governing Discipline
Governing Discipline FinOps
IT management

Governing Discipline
Operational efficiency
Governing Question
“How do we manage
variable consumption
and align it with
business value?”

Governing Question Governing Question
“How do we produce “How do we acquire,
more with fewer deploy, and manage

resources?” technology at scale?”

(2005 - V

Al Era
(2020 - PW
[}

Scarce Resource
Attention, tokens,
and intelligence

Governing Discipline
AIFBM

Governing Question

“Are the costs generated
by Al inference
proportionate to the
outcomes they produce?”

\4

TIME

DIFFERENT SCARCITY. A HIGHER STAKES QUESTION.

Figure 2. The governing question of enterprise economics evolves with each era. In the Al Era, the question is behavioral: are the
costs generated by Al inference proportionate to the outcomes they produce?

Who This Is For

This white paper is written for CFOs wrestling with Al budget overruns they cannot explain, CTOs

and Al Platform leaders building enterprise Al infrastructure, FinOps leaders seeking the behavioral

upstream of their cost data, and enterprise architects designing Al governance programs. It presents

AIFBM as a complete, actionable framework: its definitions, its behavioral taxonomy, its reference

architecture, its maturity model, its measurement system, and a practical implementation roadmap.

"The organizations that win the Al era will not be the ones that spend the most on Al They will be the ones that

extract the most value per dollar spent — and that requires understanding and managing the behaviors that shape

avoidable cost.”
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Section 1 — The Al Cost Paradox: More Al, Less Control

1.1 The Explosion of Enterprise Al Spend

Enterprise Al is moving from bounded experimentation into recurring, consumption-driven
operating expense faster than many planning and governance processes can adapt. As spending
expands across platforms, APIs, inference infrastructure, data services, and Al-enabled applications,
attribution and value-based governance become operating requirements rather than reporting

conveniences.

What distinguishes Al spend from previous technology investments — cloud compute, SaaS
licensing, data infrastructure — is its fundamental behavioral character. Cloud compute costs scale
with infrastructure: you provision servers, you pay for servers. Storage costs scale with data volume:
you store data, you pay for storage. Al costs, however, scale with behavior. Token consumption,
model calls, and agent invocations are not infrastructure events in any meaningful sense. They are
behavioral events — initiated by people, triggered by automated processes, and shaped by

organizational habits, defaults, and incentives.

This behavioral character of Al spend creates a governance challenge unlike any the enterprise has
previously faced. When an infrastructure cost spikes, the cause is usually visible: a server was over-
provisioned, a database is under-optimized, a data transfer was unaccounted for. When an Al cost
spikes, the cause is often invisible until it is weeks or months in the past. By the time a finance team
sees a $2 million overage on an Al platform invoice, the behaviors that caused it — thousands of
prompts that were too long, hundreds of API calls that could have been cached, dozens of agent

loops that ran unchecked — happened weeks earlier and left no easily interpretable trail.
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m Industry Data Point

For many scaled generative-Al deployments, inference becomes a major - and sometimes dominant -

component of recurring Al operating cost. Its share varies materially by organization, workload, architecture,
training activity, and accounting boundary. Because inference cost scales with usage, and usage is shaped by
both human and automated behavior, behavioral governance becomes a high-leverage complement to
infrastructure and commercial optimization.

The result is a paradox: the more aggressively enterprises adopt Al, the further their costs drift from
prediction and control. More Al capability, less financial visibility. More Al investment, more
budget surprise. The traditional tools of enterprise cost governance — annual budgeting, monthly
spend reviews, infrastructure right-sizing — are structurally unsuited to a cost model that is

behavioral, real-time, and exponentially variable.

1.2 Why Al Costs Are Uniquely Difficult to Predict
Al costs resist conventional forecasting because their principal drivers are dynamic, distributed, and

behavioral:

Non-linear scaling. A single unchecked agent loop, recursively expanding prompt, or repeated
embedding pipeline can multiply cost at machine speed. Model price affects the amount, but the

governing failure is the absence of a stopping condition, call limit, or economic boundary.?

Behavioral variability. Identical tasks do not produce identical costs. People and teams choose
different models, context volumes, iteration patterns, and reuse practices, creating material variance
even when the business outputs are comparable. Forecasts built on average consumption conceal

that distribution and misstate the economics of the use case.*

Shadow Al proliferation. Employees adopt Al outside governed channels through personal
subscriptions, informal expenses, shared licenses, browser extensions, and free services. The
resulting consumption is absent from enterprise attribution, while its data and compliance exposure

remains fully real. Shadow Al hides financial behavior and operational risk at the same time.

Multi-layer cost drivers. Al cost accumulates across model calls, inference infrastructure, fine-
tuning, embeddings, vector retrieval, and agent orchestration. Different actors control each layer:

users shape requests, developers shape architecture, and automated systems shape execution
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volume. A forecast that combines those behaviors into one consumption curve cannot explain

variance or direct intervention.

The RAG Context Tax. Retrieval-augmented generation introduces a distinct context cost. Broad
retrieval, oversized chunks, and indiscriminate prompt assembly cause organizations to pay
repeatedly for irrelevant material. RAG remains economically disciplined only when systems

retrieve precisely, include selectively, and measure whether additional context improves the answer.

1.3 The Failure of Reactive Approaches

Current enterprise responses to Al cost overruns follow a recognizable pattern: the finance team
flags a budget overage in the monthly spend review; leadership initiates an investigation that yields
no specific root cause; a blanket spending cap or API rate limit is imposed; productivity drops; the
cap is relaxed; the cycle repeats. These are blunt instruments that punish productivity without

addressing root cause.

A CFO who caps Al spend without understanding which behaviors are driving cost is flying blind.
They cannot distinguish between high-value, high-cost usage — Al that is generating measurable
business outcomes and is worth every dollar — and pure waste: redundant calls, bloated prompts,
runaway agents, and shadow Al that serves no governed purpose. Treating all Al spend as
equivalent, and responding to overruns with universal restrictions, is not cost governance. It is cost
suppression — a temporary and counter-productive measure that erodes the very Al productivity

the organization invested to build.

The existing frameworks that enterprises have deployed for technology cost governance each

address part of the Al cost challenge but none addresses the behavioral layer that is its root cause:

e Al Governance provides risk and ethics frameworks but operates on binary

permitted/prohibited logic, not cost optimization logic.

e MLOps manages model performance and deployment but does not address the human and

system behaviors that generate cost through model usage.

e Procurement manages contracts and licenses but has no visibility into how those licenses are

used.
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m The Behavior-Cost Equation
Al Cost = Z(Behavioral Events x Behavioral Inefficiency x Model Cost Weight)

You cannot manage what you cannot see, and you cannot see behaviors without a behavioral lens. A material

share of Al spend is the downstream consequence of upstream human, automated, or architectural behavior.
ATFBM is the discipline that makes those behaviors visible, measurable, and governable — before the cost is

incurred.
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Section 2 — The Behavior Gap: What Existing Frameworks Miss

2.1 Adjacent Disciplines

The enterprise does not lack Al disciplines; it lacks a discipline focused on the economic behavior
between policy, platform, and invoice. FinOps allocates consumption, Al governance manages risk,
MLOps governs model operations, and procurement manages commercial terms. AIFBM
complements those disciplines by governing the moment-of-interaction choices that determine what

inference costs and whether that cost is proportionate to value.

2.2 The Limits of Al Governance Frameworks

Al governance frameworks have emerged rapidly in response to regulatory pressure, ethical
concerns, and the business risk of Al systems that behave in unintended or harmful ways.
Frameworks from organizations such as NIST, the EU Al Act, and various industry bodies provide
structured approaches to managing Al risk, ensuring fairness and transparency, and maintaining

compliance with evolving regulation.

These frameworks are important and AIFBM is fully compatible with them. However, they are not
designed to manage financial behaviors. An Al governance policy that prohibits certain use cases
does reduce some costs — by eliminating those use cases entirely — but it operates on binary logic:
use case is permitted or it is prohibited. Cost optimization requires continuous, graduated logic: this
use case is valuable and should be optimized; this prompt pattern is wasteful and should be
corrected; this model selection is appropriate; this one is not. Al governance frameworks provide no

mechanism for this kind of granular, behavioral cost reasoning.

2.3 The Limits of MLOps and ModelOps

MLOps (Machine Learning Operations) and ModelOps disciplines address the lifecycle,
deployment, performance monitoring, and reliability of AI models in production. They are excellent
frameworks for ensuring that models are performing as intended, that model drift is detected, and

that deployment processes are reliable and reproducible. They give organizations visibility into
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model performance metrics — accuracy, latency, drift — and enable the operational processes

needed to maintain model quality over time.

MLOps tells you when a model is underperforming. It does not tell you whether the humans using
that model are generating unnecessary cost through their usage patterns. A model that is
performing within specification can still be dramatically over-consuming budget because users are
prompting it inefficiently, because it is being called when a cheaper model would suffice, or because
a surrounding automated pipeline is invoking it far more frequently than the use case requires.

These are behavioral failures, not model failures, and they are invisible to MLOps instrumentation.

2.4 The Missing Layer
The table below maps the major enterprise Al cost governance frameworks against the dimensions

that matter for behavioral cost management. The gap is both clear and consequential.

Reactive or

Framework Primary Focus X Addresses Behavior | Addresses Cost Drivers
Proactive

FinOps Cloud infrastructure Mostly reactive  No Partially (infrastructure
spend only)
Partially (bi
Al Governance  Risk, ethics, compliance  Proactive loagri:; y (binary No
MLO Model perf
ps/ odel performance & Mixed Ne o
ModelOps deployment
I Partiall level
Procurement Contract & license Reactive No artially (contract-leve
management only)
Behavioral dri f Al
AIFBM ehavioral drivers 0 Proactive YES — core focus YES — primary purpose

cost

The relationship is lateral and complementary. AIFBM supplies behavioral cost intelligence to
adjacent disciplines and consumes their policy constraints, performance standards, architectural

context, and commercial data. Its boundary is economic behavior —not the whole of Al governance.
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FIGURE 3

AIFBM Position in the Enterprise Stack

AIFBM occupies the behavioral layer between cloud financial operations below

and business architecture above. Each layer answers a different question.

BUSINESS
VALUE

TECHNOLOGY
FOUNDATION

4

3

A

“What outcomes
do we need to achieve?”

“What capabilities
must we deliver?”

“Are Al behavioral costs
aligned with the capabilities
business architecture

has defined?”

“What is it costing
us to consume?”

“What resources
do we provide?”

Business Strategy
Outcomes | Value | Competitive Advantage

Business Architecture
Capabilities | Value Streams | Investment Priorities

Al Financial Behavior Management (AIFBM)

Behavioral Governance | Cost Control | Economic Alignment

Cloud Financial Operations (FinOps)
Usage Visibility | Optimization | Unit Economics

Technology Operations
Infrastructure | Platforms | Services | Reliability

DIFFERENT LAYERS. DIFFERENT QUESTIONS. A STRONGER ENTERPRISE.

Defines the outcomes the enterprise
seeks to achieve and the value it
must create in the market.

Translates strategy into business
capabilities, value streams, and
investment priorities.

Identifies, measures, influences, and
governs the human and system behaviors
that drive Al cost — proactively, before
costs are incurred, and continuously,

as Al usage evolves.

Manages and optimizes variable
technology consumption across
cloud and Al services.

Provides and operates the underlying
technology resources, platforms,
and services.

Figure 3. AIFBM occupies the behavioral layer between cloud financial operations below and business architecture above. Each
layer answers a different question. AIFBM asks whether Al behavioral costs align with defined business capabilities.
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Section 3 — AIFBM Defined: Principles, Scope, and Core Tenets

3.1 The Official AIFBM Definition

m Official Definition — AI Financial Behavior Management

“Al Financial Behavior Management (AIFBM) is the enterprise discipline of identifying, measuring, influencing,

and governing the human and system behaviors that are the root drivers of Al cost — proactively, before costs are
incurred, and continuously, as Al usage evolves.”

Four verbs define the operational scope of AIFBM:

e Identifying — Discovering which behaviors exist, where they occur, who exhibits them, and

what cost they generate. This requires behavioral telemetry.

e Measuring — Quantifying behavioral patterns against a defined KPI stack, enabling

comparison, trending, and prioritization. This requires behavioral analytics.

e Influencing — Changing behaviors through training, feedback, nudges, incentives, and
environmental design — before those behaviors generate cost. This requires behavioral

intervention capability.

e Governing — Establishing and enforcing policies, standards, roles, and accountability
structures that make behavioral cost management durable and institutional. This requires

governance infrastructure.
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FIGURE 4

The Behavioral Cost Loop

A behavior loop is a recurring cycle in which a cost event generates a signal — or fails to.
The Loop Cost formula (a x v x A) quantifies what each unbroken loop is accumulating per unit time.

1. Human Behavior Loop
Individual user behaviors
that drive Al consumption.

2. System Behavior Loop
Automated system behaviors
that drive Al consumption.

3. Organizational Behavior Loop
Structural and cultural behaviors
that enable and amplify Al consumption.

The Loop Cost Formula

C.=axvxA

User Action System Trigger Policy / Norm
(e.g., prompt) (e.g., event, schedule) (e.g., no guidance)
/ / \ / C. = Loop cost (per unit time)
a = Average cost per event
Re'?far: HUMAN AlResponse | Repeat SYSTEM Al Execution Reinforcement | ORGANIZATIONAL  Behavior g pger promgt AP call
(7'9" gner BEHAVIOR 5 alind (e.g. nexttrigger | BEHAVIOR (e.g., API call, (eg.tolerated | BEHAVIOR (e.g., unchecked Ad' | inf S '
requency. LOOP 2L or iteration) LoOP agent action) orincentivized) LooP usage) model inference)
or longer prompts)
v = Volume of events
/ \ / / (e.g., calls per hour,
Reinforcement Output / Downstream Action Outcome iterations per day)
(e.g., perceived value) 6.0, stoied, Toutec, fvoked) (8.9, highercost) A = Loop persistence factor

(0-1, based on how

quickly the loop is broken)
Common Examples

* Repeated use of frontier models

« Unnecessarily long or complex prompts

« Iterative prompting without clear stop criteria
* Habit-forming tool usage

Common Examples

+ Unbounded agent loops

« High-frequency API calls

* RAG queries without effective caching

« Batch processes with unnecessary iterations

Common Examples

« Lack of usage policy or guardrails

« Incentives that favor speed over efficiency
« Insufficient training and awareness

« No accountability for Al spend

The longer a behavior loop
continues unbroken, the more
cost it accumulates.

IDENTIFY. MEASURE. INTERRUPT. LOWER Al COSTS AT THE SOURCE.

Figure 4. A behavioral cost loop is a recurring cycle in which a cost-generating behavior persists until measurement, feedback, or
governance interrupts it.

3.2 The Six Core Tenets of AIFBM
Six tenets convert the AIFBM definition into operating commitments. They guide design choices

throughout the taxonomy, architecture, KPI stack, and governance model that follow.

Tenet 1: Behavior Before Budget. Cost governance starts with understanding behaviors, not setting
spending limits. A budget limit without behavioral understanding is an arbitrary ceiling — it cannot
distinguish between valuable and wasteful spend, and it treats cost suppression as equivalent to cost
optimization. AIFBM practitioners identify the behaviors driving cost before setting any financial

threshold, because only behavioral insight enables intelligent financial design.

Tenet 2: Proactive Over Reactive. AIFBM intervenes at the point of behavior, not the point of
payment. The goal is to shape behavior in real time — or before the behavioral event occurs — not to
audit it monthly after the cost has been incurred. This requires a fundamentally different posture
from conventional cost governance: observing, analyzing, and responding to behavioral signals

continuously, not reviewing invoices episodically.

Tenet 3: Visibility as a Prerequisite. You cannot manage what you cannot observe. AIFBM requires

behavioral telemetry: a complete, real-time data layer that captures who is doing what, how often, at
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what cost, with what model, with what prompt length, with what outcome. Behavioral visibility is
not a nice-to-have feature of AIFBM — it is the enabling condition without which no other AIFBM
practice is possible. Organizations that lack behavioral telemetry are at Maturity Level 1 by

definition, regardless of the sophistication of their cost reports.

Tenet 4: Influence Over Control. AIFBM uses the least restrictive effective intervention. Feedback,
contextual guidance, training, peer comparison, and incentives are the default. Mandatory routing,
rate limits, and shutoffs are reserved for material risk, repeated noncompliance, or failed influence.

Control protects the boundary; influence changes the behavior.

Tenet 5: Business Value Alignment. Not all Al cost is waste. A high-cost Al use case that generates
proportionate business value is not a governance problem — it is a governance success. AIFBM does
not minimize cost; it optimizes cost-per-value. The discipline exists to eliminate cost that generates
no attributable value, not to suppress cost that is generating competitive advantage. This distinction
is critical: an AIFBM program that reduces Al cost while also reducing Al value has failed, not

succeeded.

Tenet 6: Continuous Learning. Behaviors evolve as Al capabilities evolve. A new model tier
changes the model selection calculus. A new agent framework changes the automation risk profile.
A new use case category changes the prompt design norms. AIFBM is a living discipline — its
behavioral taxonomy, its KPIs, its policies, and its intervention designs must evolve continuously
alongside the Al landscape they govern. An AIFBM program that treats its initial implementation as

a completed project will be obsolete within 12 months.

3.3 AIFBM Scope: The Five Behavioral Domains
The five domains translate the tenets into a usable scope. Each isolates a different source of cost

behavior and therefore requires different telemetry, interventions, and accountability.
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FIGURE 5

Five Behavioral Domains of AIFBM

Al cost is driven by a predictable set of human and system behaviors.
AIFBM governs five behavioral domains to identify, measure, influence, and control those behaviors.

Usage Behaviors

How people use Al tools
and services.

Q
(D

Key Behaviors

o Frequency of use

® Use case selection

o Session length

e |terative prompting

o Personal vs. business use
o Policy adherence

Key Question
Are people using Al
intentionally and efficiently?

Model Selection
Behaviors
Which models are chosen
and why.

S

Key Behaviors

Frontier vs. smaller models
Model selection by habit
Cost-performance tradeoffs
Context window size
Multimodal vs. text-only
Unnecessary premium
models

Key Question
Are we using the right model
for the job?

Prompt Engineering
Behaviors
How prompts are constructed
and managed.

=

Key Behaviors

Prompt length and complexity
Clarity and specificity
Inclusion of unnecessary
context

Iteration patterns

Use of system prompts
Prompt reuse and versioning

Key Question
Are our prompts driving
unnecessary cost?

BEHAVIOR DRIVES Al COST. THESE FIVE DOMAINS MAKE IT GOVERNABLE.

Integration &
Automation Behaviors
How Al is embedded
in systems and workflows.

Key Behaviors

e Uncontrolled agent loops

e Excessive APl calls

Lack of caching

Batch vs. real-time decisions
Orchestration efficiency
Error handling and retries

Key Question

Are our Al integrations
and automations
cost-efficient by design?

Governance &
Policy Behaviors
How policies, incentives,
and oversight shape Al use.

Key Behaviors

o Policy awareness and compliance
¢ Guardrail effectiveness

o Access controls

e Cost accountability
 Incentives and behavior change
e Monitoring and feedback loops

Key Question

Are we creating the right

conditions for responsible
and cost-efficient Al use?

Figure 5. The AIFBM Behavioral Taxonomy classifies Al cost-driving behavior across five domains. Each domain requires
distinct measurement instruments, interventions, and governance mechanisms.

Domain

1. Usage Behaviors

2. Model Selection
Behaviors

3. Prompt Engineering
Behaviors

4. Integration &
Automation Behaviors

5. Governance & Policy
Behaviors

Definition

Who uses Al, when, how often, and
for what purpose

Which models are chosen, by
whom, for which tasks

Cost Exposure

Volume of Al

interactions

How users and systems construct

inputs to AI models

How Al is embedded in workflows,
agents, and automated pipelines

How organizations set, enforce, and
evolve Al usage policies

Per-call model cost

Input token volume

Automated call
volume, loop risk

Structural behavioral
norms

Primary Actors

End users, business
teams

Developers, architects,
users

End users, developers,
prompt designers

Developers, engineers,
platform teams

Leadership, governance
teams, managers
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Section 4 — The AIFBM Behavioral Taxonomy

The Behavioral Taxonomy turns AIFBM from a thesis into a diagnostic system. It organizes
recurring cost drivers across users, developers, applications, and agents so that organizations can
move from undifferentiated spend to targeted measurement and intervention. The taxonomy is

intended to be extensible as models, interfaces, and automation patterns evolve.

Domain 1: Usage Behaviors
Usage behaviors encompass how people interact with Al systems — the frequency, purpose, and
nature of their Al consumption. These behaviors establish the volume baseline from which all other

cost multipliers operate.

Frequency Over-Reliance. Users invoke Al for tasks where it adds marginal or no value — tasks
that a traditional tool, a search engine, a template, or direct human judgment could serve equally
well at zero Al cost. Cost driver: pure volume inflation. The remedy is not Al restriction but value-
calibrated usage guidance that helps users develop accurate mental models of when AI adds

genuine value.

Task-Model Mismatch. Using a frontier model for a task that a smaller or specialized model could
complete to the required quality. Provider pricing schedules show material differences across model
tiers, but the ratio varies by vendor, modality, caching, and workload. At enterprise volume,

systematic mismatch can become a major cost driver.>

Redundant Generation. Requesting outputs that already exist — from a cache, from a prior session,
from a shared output repository — without checking for existing results first. This behavior is
invisible without telemetry but extremely common: users ask the same questions repeatedly,
automated pipelines regenerate identical outputs, and no caching layer intercepts the redundant

calls.
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Shadow AI Adoption. Employees independently adopting Al tools outside enterprise agreements
— personal subscriptions, informal team licenses, browser extensions, or free tier services used for
business purposes. Shadow Al creates spend that is untracked, unattributed, and ungovernable,
while also creating data governance and security risk. It is typically a symptom of a governance gap:

the enterprise Al offering does not meet user needs, so users find alternatives.

Unmonitored Agent Invocations. Autonomous Al agents executing chains of API calls without
human review checkpoints, cost circuit breakers, or behavioral logging. A single poorly-designed
agent can generate thousands of API calls in minutes. Without monitoring, this behavior can escalate

from an architectural design flaw to a major cost event before anyone notices.

Domain 2: Model Selection Behaviors
Model selection behaviors determine which Al models are invoked for which tasks. Because model
costs vary by orders of magnitude, selection behaviors have an outsized impact on total Al spend

independent of usage volume.

Default Model Bias. Users and developers defaulting to the most capable — and most expensive —
model available, out of habit, lack of guidance, or the reasonable assumption that "more capable =
better results." This bias is reinforced by interfaces that present a single, frontier-class default, and by

organizational cultures that treat Al capability maximalism as a virtue.

No Model Routing Logic. Applications and platforms that do not automatically match task
complexity to model tier — routing all requests through the same model regardless of whether a
task requires the reasoning depth of a frontier model or merely the text generation capability of a
much cheaper alternative. The absence of routing logic is not user behavior — it is architectural

behavior with systematic cost consequences.

Fine-Tuned Model Underutilization. Organizations that have invested in fine-tuning domain-
specific models — incurring the upfront cost of fine-tuning runs — but continue using generic
frontier models for the same tasks because the fine-tuned alternatives are not discoverable, not

deployed conveniently, or not promoted by governance policy. This behavior generates double
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waste: the fine-tuning cost was incurred, and the ongoing frontier model cost continues

unnecessarily.

Frontier Chasing. Teams switching to the latest frontier model immediately upon release, without
evaluating cost-performance trade-offs for their specific use cases. New frontier models are often
more expensive than their predecessors and may not outperform them on the specific tasks the team
uses Al for. Frontier chasing without evaluation is a behavioral pattern driven by novelty bias, not

business value logic.

Domain 3: Prompt Engineering Behaviors

Prompt engineering behaviors are often among the highest-impact behavioral domains in AIFBM.
Because token costs are the primary unit of Al billing for most enterprise workloads, the length,
structure, and efficiency of prompts is the most direct behavioral driver of Al cost. Small
improvements in prompt behavior, applied at scale across an organization, generate

disproportionately large cost reductions.

Context Bloat. Including full documents, conversation histories, large datasets, or broad retrieval
results when a summary, subset, or targeted excerpt would meet the quality requirement. Because
input tokens, cache treatment, and repeated context all affect price, context bloat can materially

increase unit cost; the multiplier must be measured for the actual provider and workload.®

Prompt Trial-and-Error at Scale. Multiple users independently iterating prompts in production
environments, each solving the same prompting challenge from scratch, without a shared prompt
library or a designated sandbox environment for prompt development. Every failed prompt attempt
in production consumes tokens and incurs cost. Multiplied across hundreds or thousands of users
facing similar tasks, this behavioral pattern generates significant waste that could be eliminated by a

prompt library and testing environment.

Instruction Redundancy. Repeating the same instructions in every prompt — persona definitions,
output format requirements, tone guidelines, domain context — instead of using system prompts,
persistent context mechanisms, or cached instruction sets. This behavior inflates input token counts

on every call for information that could be provided once and referenced implicitly.
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Unstructured Output Requests. Requesting free-form narrative outputs when structured outputs —
JSON, tables, specific fields — would serve the downstream use case equally well. Structured
outputs typically require fewer output tokens than narrative equivalents, and they eliminate the
need for post-processing steps that often require additional Al calls to reformat or extract specific

data from the original output.

Domain 4: Integration & Automation Behaviors

Integration and automation behaviors occur at the system design and engineering layer. They are
primarily developer and architect behaviors, but they have the highest potential for runaway cost
events because automated systems can generate thousands of Al calls per hour without human

intervention.

Uncached API Calls. Identical or near-identical requests made repeatedly to AI APIs without a
caching layer intercepting and serving the cached response. This behavior is architectural — it
reflects a design decision not to implement caching — but it is addressable through governance
policy (requiring caching layers for all production Al applications) and behavioral training

(educating developers on caching design patterns).

Polling Loops. Systems that call AI APIs on a fixed time schedule regardless of whether new input
exists to process. A pipeline that checks for new documents to analyze every 30 seconds, and calls
the AI API each time regardless of whether any new documents are present, is incurring continuous

cost for zero value during quiet periods.

Over-Broad Agent Scope. Al agents granted access to tools, data sources, and actions beyond what
their specific task requires. Over-broad scope increases both cost — agents with more tools tend to
invoke more of them — and risk, as each additional tool access point represents a potential error or
misuse vector. Scope minimization is a behavioral governance principle that reduces cost and risk

simultaneously.

Embedding Regeneration. Regenerating vector embeddings for documents that have not changed

on every pipeline run, instead of checking whether a cached embedding exists and is current.

Technology Yield Research | © 2026 Peter Brauer | Version 1.0 | September 2026 | Page 23



Embedding generation is a significant cost center for organizations using retrieval-augmented

generation architectures, and unnecessary regeneration of stable embeddings is pure waste.

No Cost Circuit Breakers. Automated Al pipelines deployed to production without spending limits,
call volume thresholds, or anomaly detection capable of halting a runaway cost event. This is not a
behavior of neglect — it is a behavior of omission. Developers who are optimizing for feature
delivery may not think to add circuit breakers because the cost consequences of their absence are not

visible until after a major cost event.

Domain 5: Governance & Policy Behaviors
Governance and policy behaviors operate at the organizational layer. They are the meta-behaviors
that shape all other behavioral domains — the presence or absence of policies, the alignment or

misalignment of incentives, and the clarity or opacity of accountability structures.

Policy Absence. No documented standards for model selection, prompt design, or acceptable Al
use. Policy absence creates a vacuum that defaults to the most expensive behaviors: users select the
most powerful model because no guidance suggests otherwise, prompts are as long as users feel is

helpful, and automated pipelines are designed without cost constraints because none are required.

Enforcement Theater. Policies that exist on paper but are not enforced, monitored, or connected to
any accountability mechanism. Enforcement theater is often worse than policy absence: it creates a
false sense of governance maturity while allowing wasteful behaviors to continue unchecked.

Organizations at Maturity Level 2 frequently exhibit this pattern.

Incentive Misalignment. Teams or individuals are rewarded for Al output speed, volume, or
capability without any cost accountability dimension. An engineering team incentivized purely on
feature delivery velocity has no organizational reason to optimize for Al cost efficiency. A marketing
team evaluated on content output volume has no incentive to prompt efficiently. Incentive
misalignment is one of the most structurally challenging behavioral problems in AIFBM — it

requires executive-level intervention to correct.

Budget Opacity. Al costs buried in general IT or software budgets rather than attributed to specific

teams, products, or use cases. Without cost attribution, no team has visibility into its own AI cost
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behavior, and no governance mechanism can hold specific actors accountable. Budget opacity is the

governance equivalent of context bloat: it obscures the information needed for intelligent decision-

making.

Training Gaps. Users and developers receive no feedback on whether their prompting, model

selection, reuse, or automation patterns are more expensive than comparable alternatives. Telemetry

makes the gap visible; targeted enablement can then focus on the behaviors with the strongest

measured opportunity.

Behavioral Cost Impact Summary

Highest-Impact Sub-Behavior | Cost Exposure Ease of Mitigation

Usage Behaviors

Model Selection

Prompt
Engineering

Integration &
Automation

Governance &
Policy

Unmonitored agent invocations

Default model bias (frontier for
all tasks)

Context bloat (full-document
prompts)

No cost circuit breakers on
pipelines

Incentive misalignment (no cost
accountability)

Potentially unbounded
without stopping logic

Material; provider-
and workload-
dependent

Material; context- and
cache-dependent

Potentially unbounded
without circuit
breakers

Systemic; establish
from behavioral
baseline

Moderate (requires monitoring
tooling)

High (routing rules, policy)

High (training, templates)

Moderate (engineering change
required)

Low (requires cultural &
structural change)
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Section 5 — AIFBM Reference Architecture

5.1 Architecture Overview
The AIFBM Reference Architecture translates behavioral governance into five interoperating layers.
It is platform-agnostic and designed to extend existing Al, FinOps, data, and governance capabilities

rather than require a monolithic new stack.

The five layers are organized from the Al platform base (Layer 1) through behavioral visibility
(Layer 2), behavioral intelligence (Layer 3), governance enforcement (Layer 4), and business value
reporting (Layer 5). Data flows upward: behavioral events originate in Layer 1, are captured in
Layer 2, analyzed in Layer 3, governed in Layer 4, and reported as business value in Layer 5. Policy
and guardrails flow downward: governance rules designed in Layer 4 are enforced in real time at

Layer 2 and Layer 1.

FIGURE 6

AIFBM Reference Architecture

A modular architecture that turns behavioral insight into proactive cost control.
Integrated across people, process, and technology to govern Al financial behavior at enterprise scale.

Behavioral Inputs Activation & Influence Layer s hinstzes B paiTEnn . Incentivess Reporting& Business Outcomes
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Data Ingest X
Application Behavior and Actionable  Safer Al Adoption
(model selection, Integration Analytics & Intelligence Layer . Insight (managed risk,
AP| usage, agents) ’ ) Tur beyhtavior into ms[gmg x Beiavoral analytics Jp & Cost Atriion Sczzraeric: ::Iﬁezng Anomaly Detection ) compliance)
System Behavior Behavioral Data L Greater Value

ehavioral Data Layer i " <
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(ro ?5' es; Capture behavior from (LLMs, agents, (Saas, custom, (cloud, data, (users, roles, (costs, rates, (responsible growth)
business context) across the enterprise model APls) embedded Al) compute) permissions) services)

FROM BEHAVIOR TO BETTER OUTCOMES.

Figure 6. The AIFBM Reference Architecture integrates behavioral inputs, data and intelligence, activation and influence,
governance and policy, and business outcomes into a proactive cost-control system.
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A LAYER 5 — BUSINESS VALUE LAYER

ROI dashboards | Cost-per-outcome metrics | Executive reporting | AIFBM KPI scorecards | Behavioral
benchmark comparisons

V¥ LAYER 4 — GOVERNANCE & POLICY LAYER A

Policy engine | Behavioral guardrails | Model routing rules | Budget circuit breakers | Escalation
workflows | Attribution requirements

A LAYER 3 — BEHAVIORAL INTELLIGENCE LAYER

Behavioral telemetry ingestion | Pattern recognition | Anomaly detection | Behavioral KPI engine |
Cohort analysis | Predictive behavioral models

A LAYER 2 — OBSERVABILITY LAYER

API call logging | Prompt telemetry | User attribution | Session tracking | Agent trace capture | Token &
cost metering | Model call tagging

LAYER 1 — AI PLATFORM LAYER

LLM APIs | Model inference engines | AI agents & orchestration | Embedding generation | Vector stores

| Fine-tuned models | AI gateways

Architecture detail: AIFBM five-layer model. Telemetry flows upward; policy and guardrails flow downward.

5.2 Key Architectural Components

Behavioral Telemetry Collector (Layer 2). The foundational instrumentation layer. Captures, for
every Al interaction: prompt length in tokens, output token count, model called, user or service
identifier, team or product attribution tag, timestamp, session identifier, task category, latency, cost

estimate, and any agent trace data. The telemetry collector is typically implemented as an Al
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gateway or proxy layer that sits between consuming applications and Al provider APIs. It is non-

intrusive to end users and transparent to applications.

Behavioral KPI Engine (Layer 3). Consumes the raw telemetry stream and computes AIFBM KPIs
(detailed in Section 7) in real time or near-real time. The KPI engine maintains running calculations
of Prompt Density Index, Model Tier Alignment Score, Cache Hit Rate, Behavioral Anomaly Rate,
and all other AIFBM metrics. It provides the quantitative foundation for both governance decisions

(Layer 4) and executive reporting (Layer 5).

Policy Enforcement Engine (Layer 4). Evaluates behavioral rules and triggers governance responses
in real time. When a prompt exceeds the configured context window policy, the policy engine can
intercept the call, compress the context, and notify the user. When a model routing rule indicates
that a task should be served by a smaller model, the engine reroutes the request transparently. When
a spending threshold is crossed, the engine triggers an alert, an escalation, or — for automated

pipelines — a circuit breaker that halts further API calls pending review.

Behavioral Feedback Loop (Layers 3—4). Surfaces cost-behavior data to the users and teams that
generate it, in a form and context that enables self-correction. The feedback loop supports behavior
change without relying solely on top-down restriction. For example, a developer shown that an
agent design costs materially more per task than comparable designs has both the signal and the
context needed to investigate it. Team-level PDI comparisons can likewise turn an abstract cost

concern into a specific improvement opportunity.

Business Value Reporting (Layer 5). Translates behavioral KPIs and cost data into the business-
value language executive stakeholders require. Instead of reporting only a change in PD], the layer
connects that change to an outcome—for example, lower cost per completed article with no decline
in an agreed quality measure. Layer 5 is the interface between AIFBM and CFO-level Al cost

governance.

5.3 Integration Points
The AIFBM Reference Architecture is designed to integrate with the existing enterprise technology

ecosystem rather than operate as an isolated system:
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FinOps Platforms: AIFBM behavioral telemetry enriches FinOps cost data with causal
context — not just how much was spent but which behavioral patterns drove the spend.

Integration typically occurs at the cost attribution and tagging layer.

ITSM and Ticketing Systems: Policy changes, circuit breaker events, and behavioral
anomaly alerts are tracked as change management items through standard ITSM workflows,

ensuring governance changes are auditable and reversible.

HR and Learning Systems: AIFBM behavioral training is delivered through existing
enterprise learning management systems. Training content is personalized based on
behavioral telemetry — users with context bloat patterns receive prompt efficiency training;

developers with no circuit breaker implementations receive automation governance training.

Al Platforms: OpenAl, Azure OpenAl Service, Anthropic, Google Vertex AI, AWS Bedrock,
and open-source inference platforms all provide API-level instrumentation hooks that enable
AIFBM telemetry collection. The Al gateway layer typically mediates between AIFBM

observability and native platform APIs.

Enterprise Data Warehouses: Long-term behavioral analytics, trend identification, and
predictive modeling are performed in the enterprise data warehouse using standard BI and
ML tooling, ensuring AIFBM behavioral data is part of the organization's core analytical

asset.
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Section 6 — The AIFBM Maturity Model

Five Stages of Al Cost Behavior Governance
The AIFBM Maturity Model helps organizations locate their current operating state, identify the
capability gaps that constrain progress, and sequence improvement. Maturity is evidenced by

observable governance capability —not by tool ownership or policy volume.

Benchmark status. The waste ranges associated with the five maturity levels are provisional AIFBM
diagnostic bands, not externally validated industry benchmarks. Organizations should use them as
hypotheses for initial assessment and recalibrate them against their own telemetry, cost-attribution

boundaries, and value measures.

Level 1 — Unaware

"We don't know what we don't know about our Al costs.”
Definition: The organization has no visibility into Al cost behaviors and no policy framework
governing how Al is used, selected, or automated.

Key Characteristics:

e Al costs treated as a flat software expense — no attribution to teams, products, or use cases
e No prompt standards or guidance — users interact with Al however seems natural to them

e Model selection is entirely ad hoc — users and developers choose models based on

familiarity or default interface settings
e Shadow Al is widespread and untracked
e No behavioral telemetry exists; cost data is limited to total invoice amounts
Primary Risk: Undetected runaway spend; no accountability; no ability to distinguish valuable Al

use from pure waste.

Illustrative Excess-Cost Range: 50-85% of Al spend generates no attributable business value
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Level 2 — Reactive

"We know we have an Al cost problem. We respond when it gets bad enough.”

Definition: The organization tracks Al costs after the fact and responds to overruns episodically,

without behavioral root cause understanding.

Key Characteristics:

Monthly spend reports exist but lack behavioral detail — total cost visible, behavioral

drivers invisible
e Budget freezes and blanket API limits used as primary control mechanisms
e Some teams have informal prompt guidelines developed organically, not systematically
e No centralized model selection policy; no formal cost attribution
e Governance response is triggered by invoice surprises, not behavioral signals
Primary Risk: Whack-a-mole cost management; behavioral root causes remain unaddressed;

productivity damage from blunt restrictions.

Illustrative Excess-Cost Range: 35-60%

Level 3 — Aware

"We can see our Al cost behaviors. We are beginning to manage them.”

Definition: The organization has begun mapping behavioral cost drivers and has basic monitoring

in place, but lacks real-time intervention capability.

Key Characteristics:

e Behavioral telemetry exists but is incomplete — some platforms instrumented, others not

e Model selection guidelines published; some teams have prompt libraries
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e Al costs attributed to teams; basic cost-per-team reporting available

e Governance is awareness-based, not enforcement-based — recommendations issued, not

enforced
e No real-time intervention capability; behavioral correction is a monthly cycle
Primary Risk: Awareness without action; governance lacks enforcement teeth; behavioral

improvements are inconsistent and fragile.

Illustrative Excess-Cost Range: 20-40%

Level 4 — Managed

"We actively govern Al cost behaviors in real time with instrumentation, enforcement, and feedback.”
Definition: The organization actively manages Al cost behaviors with real-time instrumentation,
automated policy enforcement, and structured behavioral feedback mechanisms.

Key Characteristics:

e Full behavioral telemetry across all Al platforms and use cases

e AJFBM KPI dashboard operational; behavioral metrics reviewed weekly by governance team
e Model routing rules automated for the majority of use cases

e Prompt governance program active: library, training, developer certification

e (Circuit breakers deployed on all production Al automation pipelines

e Behavioral feedback delivered to users and teams with sufficient frequency to enable self-

correction

Primary Risk: Governance overhead creates friction; policy compliance culture not yet fully

embedded; behavioral drift in new use cases as they emerge.

Illustrative Excess-Cost Range: 8-20%
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Level 5 — Optimized

" Al financial behaviors are continuously optimized, self-reinforcing, and embedded in organizational culture

and systems.”
Definition: Al financial behaviors are continuously optimized through predictive governance, self-
reinforcing behavioral norms, and deep institutional embedding of AIFBM disciplines.

Key Characteristics:

e Predictive behavioral models flag cost anomalies before they manifest — leading indicators,

not lagging ones
e Behavioral improvement is formally incentivized in team OKRs and performance reviews

e Model selection is automated and context-aware for routine decisions within approved

autonomy boundaries; exceptions and high-consequence decisions require review.
e Cost-per-value (BCE) metrics drive Al investment decisions at executive level
e AIFBM is institutionalized as an organizational capability, not a project

e Behavioral benchmarking against external peers provides continuous improvement

motivation

Primary Risk: Complacency; behavioral drift as Al capabilities evolve faster than governance

frameworks adapt.

Illustrative Excess-Cost Range: <8% (structural minimum)

AIFBM Maturity Capability Assessment Matrix
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Capability Area

Level 1
(Unaware)

Level 2
(Reactive)

Level 3 (Aware)

Level 4 (Managed)

|
(Optimized)

Behavioral
Telemetry

Cost Attribution

Model Selection
Policy

Prompt
Governance

Automation
Guardrails

Behavioral
Feedback

Executive
Reporting

None

None

None

None

None

None

None

Invoice-level
only

Platform-level
total

Informal or
none

Ad hoc
practices

None

Annual review
only

Total spend
only

Partial platform
coverage

Team-level

Published
guidelines

Library exists
(partial)

Some pipelines

Quarterly reports

Team cost reports

Full coverage, real-
time

Use-case level, 100%

Automated routing

Program
operational,
certified

All production
pipelines

Weekly / real-time
nudges

KPI dashboard,
CAFO role

Full coverage +
predictive

Outcome-level
(BCE)

Fully automated,
adaptive

Al-assisted prompt
optimization

Adaptive, ML-

tuned thresholds

Personalized,
continuous

BCE, ROB]I, peer
benchmarks
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Section 7 — The AIFBM KPI Stack: Measuring What Matters

7.1 Philosophy of AIFBM Measurement
Traditional Al cost metrics—total spend, API calls, and token volume —describe consequences after
behavior has occurred. AIFBM retains those measures but adds the causal indicators needed to

explain variance and select an intervention.

A financial metric might report that Al spend increased last month. A behavioral metric explains
whether the movement came from prompt density, model-tier mismatch, low reuse, anomalous
automation, or another observable pattern. That distinction turns measurement from retrospective

reporting into a basis for action.

The AIFBM KPI Stack is designed around this principle: every metric must connect an observable,
measurable behavioral pattern to a cost consequence and an intervention path. If a metric cannot tell
you both what is happening and what to do about it, it belongs in a financial report, not a behavioral

governance system.
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FIGURE 7

The AIFBM KPI Stack

A layered set of metrics that connect Al behavior to cost, value, and business outcomes.
From real-time indicators to strategic impact, the AIFBM KPI stack measures what matters.

STRATEGIC
IMPACT

A

' Q@

OPERATIONAL
CONTROL

Business
Value KPIs
Outcomes and impact

Economic Efficiency KPIs
Cost-to-value relationship

Behavioral Effectiveness KPIs
Behavior change and adoption

Operational Performance KPIs
Usage, cost, and efficiency

Foundational Activity KPIs
Volume and basic telemetry

Level

Purpose

Business Value
Measure the business
outcomes enabled by
cost-efficient Al use.

Economic Efficiency
Measure the cost-to-value
efficiency of Al behavior.

Behavioral Effectiveness
Measure changes in

human and system behavior
that reduce cost.

Operational Performance
Measure the efficiency

of Al consumption

and operations.

Foundational Activity

1 Measure the underlying
volume and basic usage
patterns.

MEASURE BEHAVIOR. DRIVE EFFICIENCY. UNLOCK VALUE.

Example KPIs

Revenue impact per Al use case
Productivity gains (hours, $)
Time to value

Strategic objective attainment

Cost per useful output

Cost per business outcome
ROI by use case

Unit economics (e.g., $/insight)

Policy compliance rate

Use of approved models

Prompt efficiency score

Adoption of cost-saving behaviors

Token cost per request
Inference cost per model
Cache hit rate

Agent loop iteration count

Total tokens consumed
Requests per user/application
Active users and agents
Model usage by type

Key Question Answered

“Is our Al investment
delivering measurable
business value?”

“Are we getting
proportionate value
for what we spend?”

“Are the right behaviors
taking hold?”

“Are we operating
Al systems efficiently?”

“What is our Al
usage and where
is it occurring?”

Figure 7. The AIFBM KPI Stack connects foundational activity, operational performance, behavioral effectiveness, economic

efficiency, and business value.

Benchmark status. Unless explicitly attributed to an external source, KPI thresholds in this paper are

provisional AIFBM operating targets. They are intended to seed measurement and governance

conversations, not to prescribe universal performance standards. Initial targets should be

recalibrated after a representative behavioral baseline is available.

7.2 The AIFBM Core KPIs

KPI Name

Definition

Formula

What It Reveals

Provisional Target

/ Benchmark

Behavioral
Cost
Efficiency
(BCE)

Prompt
Density Index
(PDI)

Model Tier
Alignment
Score (MTAS)

Cost per unit of
attributable business
value generated by Al

Average input token
count per prompt,
segmented by use case
and user cohort

Percentage of Al tasks
routed to the cost-
appropriate model tier

Total Al cost + Units
of attributed business
value

Total input tokens +
Total prompt count
(by cohort/use case)

(Tasks on correct tier
+ Total tasks) x 100

Value-to-waste ratio;
whether Al spend is
generating
proportionate returns

Context bloat
behaviors; which
teams and use cases
are over-prompting

Prevalence of default
model bias and
absence of routing
logic

Improving quarter-
over-quarter;
absolute target is
use-case specific

<500 tokens for
standard tasks;
flagged review
above 2,000 tokens

>80% at Level 4;
>90% at Level 5

Technology Yield Research | © 2026 Peter Brauer | Version 1.0 | September 2026 | Page 36



KPI Name

Definition

Formula

What It Reveals

Provisional Target
/ Benchmark

Cache Hit
Rate (CHR)

Shadow Al
Exposure
Index (SAEI)

Behavioral
Anomaly Rate
(BAR)

Policy
Compliance
Rate (PCR)

Cost
Attribution
Coverage
(CAQ)

Training-to-
Behavior Lag
(TBL)

Return on
Behavioral
Intervention
(ROBI)

Percentage of API calls
served from cache versus
new model calls

Estimated percentage of
total Al spend occurring
outside enterprise-
governed channels

Percentage of Al
interactions triggering a
behavioral anomaly alert

Percentage of Al
interactions compliant
with published
behavioral policies

Percentage of total Al
spend attributable to a
specific team, product, or
use case

Average time from
behavioral training
delivery to measurable
behavior change in
targeted cohorts

Cost savings generated
per dollar spent on
behavioral governance
programs

m KPI Interpretation Principle

No single AIFBM KPI tells the complete story. BCE without PDI cannot distinguish between high-value
expensive Al and wasteful expensive AI. MTAS without CHR misses redundant generation. The KPI stack

(Cached responses +
Total API calls) x 100

Estimated shadow
spend + (Enterprise
spend + Estimated
shadow spend) x 100

(Anomalous
interactions + Total
interactions) x 100

(Compliant
interactions + Total
interactions) x 100

(Attributed spend +
Total spend) x 100

Date of measured
behavior change -
Date of training

delivery (in days)

Annualized savings
attributable to AIFBM
+ Total AIFBM
program cost

Redundant
generation behaviors;
caching architecture

gaps

Governance gap;
untracked spend and
compliance risk

Automation risk,
runaway loops,
policy violations,
usage outliers

Effectiveness of
governance policies
and enforcement
mechanisms

Governance maturity;
accountability
infrastructure
completeness

Organizational
change effectiveness;
training program
quality

Economic justification
for AIFBM
investment;
governance ROI

>40% for enterprise
applications with
repetitive use
patterns

<5% at Level 4+

<1% at Level 4+

>95% at Level 4+

100% at Level 4;
any lessis a
governance gap

Improving year-
over-year; target
<30 days for high-
frequency
behaviors

>5:1 within 12
months of full
program activation

must be read as an integrated behavioral picture, not as a collection of independent metrics. Organizations
should establish a minimum reporting set of BCE, PDI, MTAS, and BAR before expanding to the full stack.
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Section 8 — Governance & Policy Design

8.1 The AIFBM Governance Model
The taxonomy identifies behavior; governance determines who may change it, by what instrument,
and with what accountability. AIFBM distributes that work across three interlocking levels:

enterprise policy, team accountability, and individual or developer enablement.

Organizational Policy Level: What is permitted, what is required, and what is prohibited in Al use
across the enterprise. Policies at this level set the behavioral framework within which all AI activity
occurs. They include model selection tiers, context window guidelines, automation requirements,

and attribution standards.

Team-Level Accountability: Who owns Al cost behaviors within each team, how those behaviors
are measured, and how teams are held accountable for behavioral performance. This level connects

organizational policy to operational practice — it is where policy becomes behavior.

Individual Behavioral Standards: Guidance, training, and feedback mechanisms for end users and
developers. This level is the most direct behavior-change instrument AIFBM has: personalized
feedback on individual usage patterns, targeted training, and environmental design that makes

good behaviors easy and expensive behaviors visible.
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FIGURE 8

AIFBM Governance Model

A cross-functional governance model to define guardrails, ensure accountability,

and drive responsible, cost-efficient Al behavior across the enterprise.

Guiding Principles

Business Aligned

Supports enterprise
strategy and value.

Executive Steering Committee
CFO | CTO | Business Unit Leaders
Set direction | Approve policy | Monitor outcomes

AIFBM Governance Office

Executive Oversight
Ensure AIFBM delivers
measurable business value,
risk management, and
cost efficiency.

Program Management

Behavior Focused Program Lead | FinOps | Risk & Compliance | Enterprise Architecture zz;:?;i :1:\’2:::%::3;:2;'

Targets the root drivers Develop policy | Drive adoption | Measure and report | Coordinate across functions ahd drive cortintiote '

of Al cost. I 1 i I I improvement.

Data Driven . R : :

- 4 Policy & M ing & Enabls & | & Risk &

ses measurable 2 ini A bili C lance )

et Standards Analytics Training ility K Functional Workstreams

Define acceptable Detect, measure, Build awareness, Align behaviors Ensure regulatory, o Design and execute the
behaviors and and report skills, and with business ethical, and core elements of AIFBM

Enabling, Not Blocking guardrails. behavioral patterns behavioral change objectives. organizational governance

Guides behavior through and risks. programs. adherence.

clarity and incentives. I I I I I

Continuous Evolution Enterprise Adoption

Business Units, Product Teams, and Al Users ; ;
Adapts as technology, ) ) 1 : e—— Put governance into practice
usage, and risk change. Follow policy | Adopt best practices | Provide feedback | Drive responsible usage across the organization.

GOVERN BEHAVIOR. ENABLE INNOVATION. DELIVER VALUE.

Figure 8. The AIFBM Governance Model connects executive stewardship, a cross-functional governance office, policy and
standards, monitoring, enablement, incentives, and risk controls.

8.2 The Al Behavioral Policy Framework
Five policy components provide a configurable control surface. Their thresholds should reflect
workload criticality, risk tolerance, economics, and technical feasibility rather than being copied

unchanged across the enterprise:

Model Selection Policy. Defines model tiers, specifies which tier is appropriate for which task
categories, and requires that applications implement routing logic to enforce tier selection. The
policy should include: a tier taxonomy (e.g., Tier 1: frontier models for complex reasoning; Tier 2:
capable mid-range models for standard generation; Tier 3: small/specialized models for high-volume
simple tasks); use-case-to-tier mapping for all major enterprise Al applications; and an exception

and escalation process for teams that believe a higher tier is necessary for their use case.

Prompt Standards. Establishes maximum context window utilization guidelines by use case
category. Requires the use of approved prompt templates for all high-frequency use cases (defined
as >1,000 invocations per month). Mandates developer certification for all prompt designs
embedded in production systems. Prohibits the use of production systems for prompt iteration and
testing — requiring instead the use of designated sandbox environments with behavioral cost

tracking.
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Automation Guardrails. All Al-powered automated pipelines must, as a condition of production
approval: include cost circuit breakers with defined spending thresholds; include human review
checkpoints at defined intervals for high-stakes or high-cost agent workflows; maintain
comprehensive behavioral logging enabling post-hoc analysis of any cost event; and document the

expected call volume and cost range that was validated during testing.

Attribution Requirements. Define the minimum business context required for each Al interaction—
typically team, product or project, and use case. Untagged spend should be surfaced, remediated,
and, where risk or materiality warrants, blocked or escalated. The target state is complete

attribution; enforcement should be proportionate to operational impact.

Escalation Thresholds. Define dollar, token, call-volume, and rate-of-change thresholds that trigger
notification, review, throttling, or a circuit breaker. Thresholds must be calibrated by use case: a
research workflow, customer-facing service, and autonomous agent should not inherit the same

economic boundary.

8.3 Roles and Responsibilities
AIFBM requires three accountabilities. They may be assigned to new roles or embedded in existing

finance, FinOps, architecture, Al platform, data, and governance functions:

Chief Al Financial Officer (CAFO) or AI Cost Steward. AIFBM requires a named senior leader
accountable for Al financial behavior; it does not require every organization to create a new C-suite
position. The accountability may sit with a CAFO, FinOps leader, Al platform executive, enterprise
architect, finance transformation leader, or equivalent role with sufficient authority and technical
credibility. The accountable leader owns the AIFBM KPI system, chairs the behavioral review
process, approves model-tier policy and escalation thresholds, and connects financial governance

with Al platform decision-making.

Al Behavioral Analysts. Analytical capacity responsible for interpreting telemetry, identifying cost-
driving patterns, designing interventions, and measuring their effect. Staffing should scale with
platform breadth, transaction volume, and governance complexity; the work may begin as a virtual

team before becoming a dedicated function.
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Prompt Governance Council. A cross-functional, rotating committee responsible for maintaining
the enterprise prompt standards library, reviewing and certifying prompt templates for high-
frequency use cases, evaluating and updating prompt guidelines as Al model capabilities evolve,
and adjudicating policy exceptions for teams that require non-standard prompt designs. The council
should include representation from major Al-consuming functions (engineering, marketing,

operations, customer service) as well as the Al platform team and a FinOps representative.

8.4 Behavioral Incentive Design
Incentive design operationalizes the tenet of Influence Over Control. Its purpose is to make efficient
behavior visible and rewarding while avoiding incentives that suppress experimentation, encourage

gaming, or confuse low cost with high value.

Behavioral incentives should operate primarily at the team or cohort level, remain quality-gated,
and never convert interaction telemetry into an individual productivity score without explicit

workforce governance.

Recommended incentive mechanisms include:

e Team-level Al cost efficiency bonuses: A portion of team performance incentives tied to
improvement in MTAS and BCE scores quarter-over-quarter. This creates team-level

ownership of Al cost behavior without requiring individual-level policing.

e Developer prompt efficiency leaderboards: A visible, gamified ranking of developer
prompt efficiency metrics — PDI, cache hit contribution, model tier compliance — updated
weekly and shared within engineering communities of practice. Peer comparison is one of
the most powerful behavioral change mechanisms available, particularly in developer

communities with strong professional identity.

e Recognition programs for high-value, low-cost Al use cases: Quarterly recognition for
teams that identify and scale Al applications with the strongest BCE ratios — maximum
business value, minimum cost. This shifts the organizational narrative from "Al is expensive"

to "efficient Al is a competitive asset."
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Cost transparency at point of interaction: Surfacing estimated cost to users as they interact
with Al systems — not as a penalty but as an informational nudge. Studies in behavioral
economics consistently show that making costs visible changes behavior even when no rule

or restriction is associated with the cost visibility.
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Section 9 — Implementation Roadmap

9.1 AIFBM Implementation Philosophy

AIFBM is an operating capability, not a product acquisition or policy publication. The roadmap
builds that capability in three phases—Foundation, Activation, and Optimization —moving from
visibility to intervention to institutional learning. The timing is illustrative and should be adjusted

for platform scope, data readiness, and organizational complexity.

The roadmap applies three sequencing principles:

1. Visibility first. No governance action is more valuable than making behaviors visible. Phase
1 is entirely focused on instrumentation, attribution, and baselining — because you cannot

manage what you cannot see.

2. Prioritize by impact. Not all behavioral problems are equal. Phase 2 focuses on the highest-
impact behavioral domains first (prompt engineering, model selection, automation

guardrails) before building out comprehensive governance coverage.

3. Build for sustainability. Phase 3 focuses on making behavioral governance self-reinforcing
and predictive — embedding it in organizational systems and culture so that it continues to

improve without requiring continuous heroic effort.

9.2 Phase 1 — Foundation (Months 1-3)

Goal: Make AI behaviors visible.

The Foundation phase establishes the observability infrastructure, attribution framework, and
baseline behavioral assessment that all subsequent AIFBM work depends on. Organizations that
skip or shortcut this phase will find their governance programs operating on incomplete data — a

structural limitation that compounds as usage scales.

Key Activities:
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Instrument the Al platform layer with behavioral telemetry collectors across all enterprise Al

platforms and APIs

Establish cost attribution tagging standards and enforce them across all Al platforms and

consuming teams

Conduct a comprehensive behavioral baseline assessment: current prompt lengths by team

and use case, model usage patterns, cache utilization rates, shadow Al discovery survey

Publish initial Model Selection Policy (Tier 1/2/3 taxonomy with use-case mapping for top-10

use cases)
Appoint Al Cost Steward or CAFQO; establish Al Behavioral Analyst function
Conduct AIFBM maturity assessment (most organizations will assess at Level 1-2)

Identify top-5 behavioral cost drivers from baseline assessment; prioritize for Phase 2

intervention

Success Metrics: 100% cost attribution coverage; behavioral baseline documented and shared with

executive sponsors; governance roles formally appointed; maturity level assessed and agreed upon.

9.3 Phase 2 — Activation (Months 4-9)

Goal: Manage Al behaviors in near-real time.

The Activation phase deploys the governance and intervention infrastructure that makes behavioral

management operational. By the end of Phase 2, the organization should have measurable

behavioral improvement in the highest-impact domains and a functional governance operating

rhythm.

Key Activities:

Deploy AIFBM KPI dashboard with minimum reporting set (BCE, PDI, MTAS, BAR)

updated daily

Implement automated model routing rules for top-10 use cases
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Launch prompt governance program: enterprise prompt library, developer training module,

context window guidelines published
Deploy cost circuit breakers on all production AI automation pipelines

Launch behavioral feedback mechanism for end users — per-interaction cost estimates

visible in Al interface where technically feasible

Constitute Prompt Governance Council; conduct first council meeting; publish initial

certified prompt template library
Conduct first quarterly behavioral review with executive sponsors

Launch shadow Al discovery and remediation program

Success Metrics: MTAS >70%; CHR >25%; BAR <2%; PCR >85%; SAEI <15% (from baseline);

behavioral dashboard reviewed weekly by CAFO.

9.4 Phase 3 — Optimization (Months 10-18)

Goal: Make behavioral governance self-reinforcing and predictive.

The Optimization phase transforms AIFBM from a managed program into an institutionalized

organizational capability. This phase introduces predictive governance — using behavioral

telemetry to forecast cost trajectory and intervene before expensive patterns develop — and embeds

AIFBM metrics into the organization's performance management infrastructure.

Key Activities:

Deploy predictive behavioral anomaly detection using ML models trained on Phase 1-2

behavioral telemetry

Integrate AIFBM KPlIs into enterprise performance management systems and team OKRs
Establish external behavioral benchmarking against industry peers

Extend automated model routing to all use cases (not just top 10)

Launch ROBI measurement program — quantify savings attributable to AIFBM

interventions
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e Publish organizational AIFBM maturity report — internal and optionally external

e Design and launch Al cost efficiency incentive program (team bonuses, leaderboards,
recognition)
e Conduct AIFBM program retrospective; update taxonomy and KPIs for new Al capabilities

in the ecosystem

Success Metrics: BCE improving 15%+ year-over-year; MTAS >85%; maturity assessed at Level 4+;

ROBI >3:1 (target 5:1 by end of month 18).

FIGURE 9

From Behavior to Impact

AIFBM connects Al behavioral signals to targeted interventions that reduce cost, manage risk, and increase business value.
The earlier the intervention, the greater the impact.
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Figure 9. AIFBM turns behavioral signals into targeted interventions, measurable outcomes, and a continuous learning cycle.
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FIGURE 10

AIFBM Maturity Model

A practical path from initial visibility to enterprise-wide value and continuous improvement.
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Figure 10. The AIFBM Maturity Model traces progress from ad hoc cost awareness to enterprise-wide,
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9.5 Implementation Roadmap Timeline

PHASE 1 —
FOUNDATION

Behavioral
telemetry v v v

instrumentation

Cost attribution
tagging standards

Behavioral
baseline N N
assessment

Governance roles
appointed v v
(CAFO, Analysts)

Initial model
selection policy v
published

PHASE 2 —
ACTIVATION

AIFBM KPI
dashboard v v
deployed

Automated
model routing v v v
(top 10 use cases)

Prompt
governance v v v
program launch

Circuit breakers
on all prod v v
pipelines

Behavioral
feedback to users v v v
activated
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Shadow Al
remediation Ng v v Ng
program

PHASE 3 —
OPTIMIZATION

Predictive
anomaly
detection
deployed

AIFBM KPIs in
team OKRs

ROBI
measurement v v
program

Incentive
program
(bonuses,
leaderboards)

Section 10 — lllustrative Implementation Scenarios

Each scenario follows the same behavior-to-value chain: Signal — Interpretation — Intervention —

Escalation — Measured outcome.

Important: The following scenarios are illustrative operating models, not reported case studies. They
show how AIFBM connects behavioral telemetry to economic consequence, applies a proportionate
intervention, and escalates decisions when cost, quality, risk, or business value crosses a defined
boundary. Any thresholds shown are examples to be calibrated against an organization's own

baseline, risk appetite, and outcome requirements.
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ILLUSTRATIVE SCENARIO 1 | ENTERPRISE RAG
Policy Knowledge Assistant — Controlling the RAG Context Tax

Business context. A regulated financial institution uses a retrieval-augmented assistant to answer
employee questions about policies, products, and operating procedures. Adoption is strong, but
inference spend rises faster than answered-question volume, while users still report inconsistent

answers.

Behavioral telemetry. The Al gateway records input and output tokens, retrieved-chunk count,
retrieval relevance, cache reuse, latency, answer acceptance, citation follow-through, and repeat-
query frequency by use case. The pattern is not simply high usage: broad retrieval returns entire
policy sections, low-value chunks are repeatedly injected into prompts, and common questions

bypass the cache.

Economic interpretation. AIFBM connects unit cost to usefulness through cost per accepted,
citation-supported answer. Requests with high token volume but low acceptance or repeated
reformulation are classified as avoidable context expenditure; high-cost answers that resolve

complex policy questions remain economically justified.

Proportionate intervention. The product team introduces query rewriting, relevance thresholds,
chunk caps, semantic caching, and context compression. Frontier-model access remains available
when complexity or confidence warrants it; the system reduces unnecessary context before reducing

capability.

Governance escalation. The gateway corrects routine context excess automatically. Sustained
relevance degradation routes to the product owner and retrieval engineering team. Any proposed
control that could suppress required policy language, weaken citation integrity, or affect regulated

advice escalates to architecture, compliance, and model-risk governance before deployment.

Decision test: Proceed only if cost per accepted answer declines while grounded-answer quality,
citation coverage, latency, and user acceptance remain within agreed tolerances. If cost falls but

answer quality deteriorates, the intervention has reduced spend —not improved behavioral yield.

ILLUSTRATIVE SCENARIO 2 | AGENTIC OPERATIONS
Claims Operations Agent — Bounding Autonomous Cost and Action

Business context. An insurer deploys an agent to assemble claim documentation, query internal
systems, request missing information, and recommend the next operational action. Most claims
complete efficiently, but a small set of exceptions generates long execution traces, repeated tool calls,

and disproportionate cost.

Behavioral telemetry. Telemetry captures model calls, tool invocations, step count, retries, repeated
state transitions, token growth, elapsed time, exception type, human overrides, completion status,
and the business value or claim exposure associated with each run. This reveals where the agent is

reasoning toward resolution and where it is merely cycling.
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Economic interpretation. AIFBM evaluates cost per successfully advanced claim rather than cost per
call. Additional reasoning is defensible for a complex, high-exposure claim; the same behavior is
waste when an agent retries an unavailable system or revisits an unchanged decision without

increasing completion probability.

Proportionate intervention. Engineering adds bounded retries, state-change detection, task-specific
model routing, resumable checkpoints, and cost circuit breakers. The agent may autonomously retry
transient failures and route low-risk work, but it cannot exceed defined cost, action, or consequence

boundaries without review.

Governance escalation. A repeated failure with no state change pauses automatically and routes to
operations. Access to sensitive tools, external communication, or a recommendation above the
financial-materiality threshold requires a human approver. Recurring exceptions move from case

handling to the AIFBM governance forum for root-cause remediation and policy adjustment.

Decision test: Expand autonomy only when cost per completed claim step, straight-through
completion, cycle time, exception recurrence, and override quality improve together. A cheaper

agent that creates rework or inappropriate actions fails the value test.

ILLUSTRATIVE SCENARIO 3 | ENTERPRISE COPILOT
Knowledge-Worker Copilot — Aligning Model Choice with Productive Work

Business context. A global professional-services firm provides an enterprise copilot for research,
drafting, summarization, and meeting preparation. Total adoption appears healthy, yet costs vary

sharply across comparable teams and cannot be explained by workload volume alone.

Behavioral telemetry. Privacy-preserving telemetry links task category, selected model tier, prompt
and context size, iteration count, approved-template reuse, response acceptance, and downstream
completion signals. Reporting emphasizes cohort patterns rather than employee surveillance. It
shows frontier models used for routine transformations, repeated regeneration without changed

instructions, and teams recreating prompts that already exist in the shared library.

Economic interpretation. The governing measure is cost per accepted work product or completed
task, supplemented by time saved, rework, and quality review. High consumption is not treated as
waste when it produces valuable output; low-cost activity is not celebrated when users discard the

result or repeat the work manually.

Proportionate intervention. The copilot introduces task-aware model recommendations, reusable
prompt patterns, visible cost-and-quality feedback, and targeted coaching for cohorts with persistent
mismatch. Users may override the recommendation when they need greater capability, preserving

professional judgment while making the economic choice explicit.

Governance escalation. Individual anomalies first trigger private guidance. Persistent team-level
variance moves to the product owner and business-unit leader. Mandatory routing or access

restrictions require AIFBM council review when they could affect client commitments,
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confidentiality, regulated work, or professional accountability. Governance addresses patterns; it

does not turn telemetry into punitive productivity monitoring.

Decision test: Scale the intervention only if model-tier alignment and template reuse improve while
accepted-output rate, task completion, professional quality, and employee trust are protected. The

objective is not fewer Al interactions; it is more attributable value from each one.

Section 11 — Technology Enablers and Tooling Landscape

11.1 What AIFBM Requires from Technology

AIFBM does not prescribe specific vendor tools, products, or platforms. The Al tooling landscape is
evolving rapidly, and any specific product recommendation made today would be partially obsolete
within 12 months. Instead, AIFBM defines capability requirements — the functional capabilities that

any technology stack used for AIFBM must provide, regardless of which specific tools deliver them.

A complete AIFBM technology stack must provide: behavioral telemetry at the individual
interaction level; cost attribution by user, team, and use case; real-time or near-real-time policy
enforcement; behavioral anomaly detection; and behavioral feedback delivery to users and teams in
context. Organizations that already have partial capability in one or more of these areas can build on
existing investments; those starting from scratch should prioritize telemetry and attribution before

analytics and enforcement.
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FIGURE 11

Embedding AIFBM Across the Enterprise

A common model, applied locally, to drive consistent Al financial behavior and measurable outcomes.
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Figure 11. AIFBM becomes durable when it is embedded across strategy, engineering, data and analytics, finance, risk, legal,
human resources, and operations.

11.2 Capability Categories and Current Landscape

Capability
Category

What It Does for AIFBM

Example Approaches

Logs prompts, responses, token counts, latency,

LLM
. model identity, and user attribution for every Al

Observability . . .

interaction; provides the raw telemetry layer for
Platforms

AIFBM

Routes Al requests to cost-appropriate model
Model Routing / tiers based on task classification; enforces model

Smart Proxy

selection policy automatically at the
infrastructure layer

Prompt Stores, versions, tests, and deploys prompt
Management templates; enables the enterprise prompt library
Platforms that is central to AIFBM prompt governance
Cost Attribution Tags Al API calls with business context (team,
& FinOps product, use case); feeds structured cost data to
Integration FinOps and accounting systems
Behavioral Aggregates behavioral telemetry into AIFBM

. KPIs and dashboards; enables cohort analysis,
Analytics

trending, and behavioral pattern identification

LLM tracing libraries (open-source and
commercial), Al gateway logging proxies,
SDK-level instrumentation

Al gateway layers with routing rules,
intelligent routing middleware, custom
classification-based routing logic

Prompt registries, LLMOps platforms with
prompt management features, custom
prompt library implementations

API tagging middleware, FinOps platform
Al connectors, custom cost attribution
pipelines

Enterprise data warehouses with AIFBM-
specific data models, BI tools configured
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Capability

What It Does for AIFBM Example Approaches

Category

for behavioral reporting, custom analytics
applications

Agent orchestration frameworks with

Agent Detects and halts runaway agent loops; enforces . .
e . . L built-in monitoring, API gateway-level

Monitoring & spending thresholds for automated pipelines; ..

L. . o . spend controls, custom agent supervision
Circuit Breakers  provides trace-level visibility into agent behavior )

ayers

Behavioral Surfaces cost-behavior data to users and teams In-app cost indicators, developer portal

ehaviora
Feedback in context — as in-app indicators, developer dashboards, automated usage report

eedbac
Interf dashboards, or periodic usage reports — delivery, Slack/Teams integration for

nterfaces

enabling self-correction behavioral nudges

11.3 Build vs. Buy vs. Configure
Organizations implementing AIFBM face a technology sourcing decision across these capability

categories. Three approaches are available, each with distinct trade-offs:

Build Custom. Organizations with strong engineering capacity and unique governance
requirements may choose to build custom telemetry collection, behavioral analytics, and feedback
systems. This approach offers maximum control and customization but requires significant
engineering investment — typically 6 to 12 months of dedicated engineering time for a complete
custom AIFBM technology stack. It is appropriate for organizations with highly specific

requirements that commercial tools cannot meet.

Buy Commercial Platforms. The LLMOps and Al observability market has expanded rapidly, with
commercial platforms offering increasing coverage of AIFBM capability requirements. Buying
accelerates time-to-value — organizations can be operational with behavioral telemetry in weeks
rather than months — but requires accepting some degree of platform lock-in and customization
constraints. Organizations should evaluate commercial platforms specifically against the AIFBM

capability requirements above, not against general feature checklists.

Configure Existing Infrastructure. Most enterprises already have FinOps platforms, data
warehouses, Bl tools, and API gateway infrastructure that can be extended to support AIFBM

capabilities. Configuring existing investments is typically the most cost-effective approach and
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leverages organizational familiarity with existing tools. The limitation is that existing infrastructure
was not designed for AIFBM and will require meaningful extension — particularly for behavioral

telemetry collection and real-time policy enforcement.

Most enterprises will use a combination: configuring existing infrastructure for cost attribution and
analytics, buying a commercial LLM observability platform for telemetry collection, and building
custom components for the behavioral feedback and policy enforcement layers that are most specific
to their organizational context. This hybrid approach balances time-to-value with customization and

is the recommended starting point for most AIFBM implementations.
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Section 12 — The Future of AIFBM: Predictive Behavioral Finance for Al

12.1 From Descriptive to Predictive

The first wave of AIFBM - the wave described in this white paper - is fundamentally descriptive and
preventive. It makes behaviors visible, measures them against defined KPIs, and intervenes to
correct expensive patterns before they generate their full cost consequence. For organizations with
meaningful behavioral waste, this can produce material savings; the 25-to-45-percent range
presented here should be treated as a planning hypothesis to be tested against an instrumented
baseline, not as a promised outcome. This descriptive and preventive capability is an advance over

reactive cost management, but it is not the final state of the discipline.

A more advanced AIFBM state is predictive. Once sufficient telemetry exists, organizations can
model cost trajectories and identify emerging behavioral patterns before they become entrenched.
This is a design direction for the discipline, not a claim that the capability is already mature across

the market.

12.2 Behavioral Forecasting

By analyzing behavioral telemetry over time, organizations can identify the leading indicators that
predict cost trajectory weeks or months before that trajectory becomes visible in financial reports. A
team whose Prompt Density Index is trending upward at 8% per week — even if it has not yet
generated a budget alert — is on a trajectory that behavioral forecasting can flag and address
proactively. A new use case whose early behavioral patterns match the profile of previously

observed context-bloat incidents can be identified and corrected before it reaches production scale.

Behavioral leading indicators provide earlier warning than spend data alone — by weeks or months
— because behavior changes before cost changes. The decision to paste a full document into a
prompt happens before the token cost is incurred. The deployment of an agent without a circuit
breaker happens before the runaway cost event. Behavioral forecasting intercepts cost trajectories at

their earliest, cheapest-to-correct stage.
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12.3 Predictive Behavioral Finance

Predictive Behavioral Finance extends AIFBM from explaining variance to anticipating financial
exposure. Instead of forecasting Al spend from historical run rates alone, it models the behaviors
that create future demand: model-tier drift, rising context density, declining cache reuse, agent-step
expansion, and repeated generation. Finance can then evaluate not only what Al is likely to cost, but
why the trajectory is changing and which intervention could alter it. The result is not a more
elaborate budget forecast. It is a behavior-aware financial control system connecting leading

technical signals to forward-looking cost, value, and risk.

12.4 Autonomous Behavioral Governance

In the optimized future state, Al systems themselves will increasingly manage Al financial
behaviors. Model routing will be fully automated, continuously adapting to new model capabilities
and pricing dynamics without requiring manual policy updates. Prompt optimization will be Al-
assisted in real time — an intelligent layer that identifies when a user's prompt is longer than
necessary for the task and suggests a more efficient formulation before submission. Cost circuit
breakers will be adaptive rather than static — learning from historical cost event patterns to set
dynamic thresholds that respond to emerging behavioral anomalies rather than waiting for
predefined limits to be crossed. Behavioral nudges will be personalized based on individual usage
patterns — different feedback for the user whose primary issue is context bloat versus the developer

whose primary issue is model over-selection.

12.5 Behavioral Autonomy Boundaries

As AIFBM controls become more autonomous, the critical design question shifts from whether the
system can intervene to where it is permitted to do so. Behavioral autonomy boundaries define
which decisions may be automated —such as routing a low-complexity request to a lower-cost
model —which require human approval, and which must remain advisory because they affect safety,
regulation, customer commitments, or material business outcomes. These boundaries should be
explicit, observable, reversible, and proportional to consequence. Autonomy without boundaries
creates financial and operational risk; boundaries without adaptive authority preserve the latency

and bluntness AIFBM is meant to overcome.
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12.6 AIFBM as an Enterprise Competency

Looking further ahead: as Al becomes as fundamental to enterprise operations as cloud
infrastructure or enterprise software, the behavioral governance of Al costs will become a core
enterprise competency — not a specialty program managed by a small team, but a discipline
embedded across the organization the way financial discipline and data governance are embedded
today. Organizations that build this competency now, while the Al cost landscape is still fluid and
manageable, will have a structural advantage over peers who continue reactive management until

the behavioral patterns are entrenched and expensive to change.

The analogy to cloud FinOps is instructive. Organizations that built consumption-governance
capability early entered later stages of cloud adoption with better attribution, accountability, and
optimization practices. AIFBM offers a similar opportunity for Al: establish the governing discipline

before behavioral defaults become expensive operating assumptions.

12.7 Enterprise Behavioral Yield

Enterprise Behavioral Yield describes the value an organization realizes by improving the behaviors
through which Al is selected, prompted, integrated, and governed. It is broader than savings: the
same behavioral discipline that reduces waste can improve throughput, reliability, reuse, risk
posture, and learning velocity. Two enterprises may purchase access to the same models at the same
price and still produce radically different returns because one converts inference into outcomes with
greater behavioral precision. In that sense, behavioral yield —not raw access to Al —becomes a

durable source of enterprise advantage.

12.8 The Emerging Role of the Al Financial Behavioral Analyst

The AIFBM discipline will give rise to a new and important professional role: the Al Financial
Behavioral Analyst. This professional sits at the intersection of three disciplines that have not
previously been combined in a single role: data science (to analyze behavioral telemetry and build
predictive models), behavioral economics (to design interventions that change behavior effectively
and durably), and FinOps (to connect behavioral insights to financial outcomes and communicate in

the language of enterprise cost governance).
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The Al Financial Behavioral Analyst is not simply a data scientist reviewing cost data or a FinOps
analyst reviewing Al usage. The role combines technical architecture, financial analysis, and
behavioral interpretation. As Al becomes a larger and more behaviorally complex operating
expense, this blended capability is likely to become increasingly important to enterprise technology

governance.
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Section 13 — Conclusion: The Behavioral Imperative

Al cost volatility is not merely a technology or pricing problem. It is the financial consequence of
thousands of human, system, and architectural behaviors occurring before an invoice exists.
Enterprises cannot govern that volatility through rate negotiation, budget limits, or retrospective

reporting alone. They must govern the decisions that cause inference to be invoked.

A prompt carries unnecessary context because no standard shaped it. A frontier model answers a
routine question because the interface defaulted to it. An agent repeats an action because no
stopping condition constrained it. A team accumulates spend without correction because the cost
was never attributed to a use case or connected to an outcome. Each event appears technical.

Together, they form an economic behavior system.

AIFBM makes that system governable. It establishes the behavioral layer between technical
consumption and business value —the layer where organizations can identify what happened,
measure its consequence, influence what happens next, and govern the pattern continuously. It does
not promise the cheapest possible Al It creates the discipline required to stop paying premium

prices for behavior that produces no premium value.
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FIGURE 12

The Business Impact of AIFBM

From Al behavior to measurable business outcomes.
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Figure 12. AIFBM converts behavioral visibility and targeted intervention into lower cost, reduced risk, stronger productivity,
and measurable enterprise value.”

Leadership in the Al era will not be determined by who spends the most, deploys the largest model,
or automates the fastest. It will be determined by how reliably an organization converts Al
consumption into business outcomes—and how quickly it detects and corrects the behaviors that
weaken that conversion. As access to powerful models becomes commonplace, disciplined

intelligence economics becomes the differentiator.’

The operating mandate is deliberate and sequential:

1. Start with visibility. Instrument the AI platform and make consequential human,

application, and agent behaviors observable.

2. Map the behaviors. Establish a baseline, identify the domains driving cost variance, and

prioritize the patterns with the greatest economic consequence.

3. Measure value and waste. Use the AIFBM KPI stack to connect consumption to attributable

outcomes, behavioral efficiency, and maturity.

4. Design proportionate interventions. Apply feedback, routing, caching, training, policy,

guardrails, or incentives only after the behavior and its consequence are understood.
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5. Govern continuously. Al capabilities, prices, and usage patterns will keep changing;

behavioral governance must learn and adapt with them.

The practical starting point is intentionally modest: instrument one material workflow, establish its
behavioral baseline, intervene against one measurable cost loop, and test whether value per dollar
improves. Repeat the cycle. What begins as one controlled intervention becomes an enterprise

capability for governing intelligence economics.

"Al Financial Behavior Management is not an overhead function. It is a competitive advantage.”

Every economic era eventually learns to govern the resource it cannot afford to waste. The Industrial
Era governed production. The Information Era governed data. The Cloud Era governed

consumption.

The AI Era must govern behavior.

Intelligence will become more abundant. Disciplined inference will remain scarce. The organizations
that master that distinction will not merely spend less on Al; they will create more value from every

decision, every workflow, and every act of inference.

Al does not become economically intelligent when inference gets cheaper. It
becomes economically intelligent when every act of inference is accountable to

value.
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Appendix A: AIFBM Glossary of Terms

AIFBM (Al Financial Behavior Management): The enterprise discipline of identifying, measuring,
influencing, and governing the human and system behaviors that are the root drivers of Al cost —

proactively, before costs are incurred, and continuously, as Al usage evolves.

Behavioral Anomaly: An Al interaction or usage pattern that deviates significantly from established
behavioral norms in a manner that implies abnormal cost generation or policy violation — such as a
prompt exceeding 5x the average PDI, a single agent session generating 10x the expected API call

volume, or an API call pattern consistent with a runaway loop.

Behavioral Baseline: A documented description of the organization's current Al usage behaviors,
including average PDI by cohort, model tier distribution, cache hit rate, shadow Al prevalence, and
key behavioral cost drivers — established during Phase 1 of AIFBM implementation as the reference

point against which behavioral improvement is measured.

Behavioral Cost Efficiency (BCE): The primary AIFBM value metric — cost per unit of attributable
business value generated by Al BCE measures the relationship between Al spend and Al value,

distinguishing between high-cost/high-value AI use and high-cost/low-value waste.

Behavioral Telemetry: The real-time data stream generated by instrumenting Al platform
interactions — capturing prompt lengths, model calls, user identifiers, cost estimates, output tokens,
session data, and task categories for every Al interaction. The prerequisite for all AIFBM governance

capability.

Cache Hit Rate (CHR): The percentage of AI API calls served from a cached response rather than
generating a new model output. A low CHR indicates redundant generation behavior and is a

primary target for cost reduction interventions.

CAFO (Chief AI Financial Officer): A proposed name for the senior accountability that owns Al

financial-behavior governance. Organizations may assign this accountability to a dedicated CAFO,
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FinOps leader, Al platform executive, enterprise architect, finance transformation leader, or

equivalent role rather than creating a new C-suite position.

Context Bloat: The behavioral pattern of including excessive context—full documents, complete
histories, or broad retrieval results —when a subset, summary, or targeted retrieval would meet the
quality requirement. Its cost impact is workload- and provider-specific and should be measured

locally.

Cost Circuit Breaker: A technical control mechanism embedded in an automated Al pipeline that
halts API calls when a predefined spending threshold, call volume limit, or anomalous behavior

pattern is detected. Essential for preventing runaway agent cost events.

Default Model Bias: The behavioral pattern of users and developers selecting the most capable (and
most expensive) Al model by default, without consideration of whether a less capable, less

expensive model would be equally effective for the specific task.

Enforcement Theater: The governance anti-pattern in which Al behavioral policies exist in
documented form but are not monitored, enforced, or connected to any accountability mechanism

— creating a false appearance of governance maturity while wasteful behaviors continue unchecked.

Model Routing: The automated assignment of Al requests to specific model tiers based on task
classification — routing simple tasks to smaller, cheaper models and complex tasks to more capable

frontier models. One of the highest-leverage technical interventions in AIFBM.

Model Tier Alignment Score (MTAS): The percentage of Al tasks routed to the cost-appropriate
model tier, calculated as (tasks on correct tier + total tasks) x 100. The primary metric for evaluating

model selection behavior governance effectiveness.

Prompt Density Index (PDI): Average input tokens per prompt, segmented by use case and cohort.
It is a primary indicator of context bloat. Any threshold, including the illustrative 500-token target

for standard tasks, must be calibrated to the workload.
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Prompt Governance Council: The cross-functional organizational body responsible for maintaining
the enterprise prompt standards library, certifying prompt templates for high-frequency use cases,

and updating prompt guidelines as Al capabilities evolve.

Return on Behavioral Intervention (ROBI): Annualized savings attributable to an intervention
divided by the cost of delivering it. ROBI tests the economic case for AIFBM investment; the 5:1

within 12 months threshold in this paper is a provisional operating target.

Shadow Al: Al tools and services used by employees for business purposes outside enterprise-
governed Al channels — personal subscriptions, informal team licenses, browser extensions, or free-

tier services. Shadow Al creates untracked spend and compliance risk simultaneously.

Shadow AI Exposure Index (SAEI): Estimated share of organizational Al spend outside enterprise-
governed channels. The below-5-percent Level 4 threshold in this paper is a provisional maturity

target, not an external benchmark.

Task-Model Mismatch: The behavioral pattern of using a high-capability, high-cost model for a task
that a lower-capability, lower-cost model could handle with equivalent output quality. One of the

most pervasive and correctable sources of Al cost waste.
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Appendix B: AIFBM Maturity Self-Assessment Questionnaire

Rate each question on a scale of 1-4: 1= Never | 2 =Rarely | 3 = Sometimes | 4 = Always/Fully

Total your score and compare to the maturity level mapping at the end of this appendix.
Domain 1: Usage Behaviors (Questions 1-5)
1. Does the organization track which teams and individuals are using Al, at what frequency,

and for which use cases?

2. Are there guidelines for employees on when Al use adds value versus when other tools are

more appropriate?

3. Does the organization have visibility into shadow Al adoption (Al tools used outside

enterprise-governed channels)?
4. Are autonomous Al agent invocations monitored for call volume and cost in real time?

5. Is Al usage volume correlated with business output metrics to distinguish high-value usage

from over-reliance?

Domain 2: Model Selection Behaviors (Questions 6-10)
6. Does the organization have a published, documented model tier policy that maps use cases
to cost-appropriate model tiers?

7. Is model routing automated for any production Al applications — routing requests to the

appropriate tier based on task classification?

8. Are developers and users trained on the cost differences between model tiers and when each

is appropriate?

9. Does the organization track the Model Tier Alignment Score (what percentage of tasks are

using the right model tier)?
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10.

Is there a process for evaluating new frontier models against cost-performance benchmarks

before enterprise adoption?

Domain 3: Prompt Engineering Behaviors (Questions 11-15)

11.

12.

13.

14.

15.

Does the organization track average prompt token length (Prompt Density Index) by team

and use case?

Are there published prompt standards or guidelines limiting context window usage for

high-frequency use cases?

Does the organization maintain a shared, certified prompt template library for common Al

use cases?

Is there a designated sandbox environment for prompt development and testing (separate

from production)?

Do employees receive feedback on their individual prompting efficiency compared to

organizational or peer benchmarks?

Domain 4: Integration & Automation Behaviors (Questions 16—20)

16.

17.

18.

19.

20.

Are caching layers required for all production Al applications with repetitive or templated

use patterns?
Is the Cache Hit Rate tracked and reported as a governance metric?

Do all production Al automation pipelines have cost circuit breakers that halt API calls upon

reaching a spending or volume threshold?

Are Al agents subject to scope limitations — formal policies limiting tool access and action

permissions to what the specific task requires?

Is there a mandatory pre-deployment review process for Al automation that includes cost

impact assessment?

Domain 5: Governance & Policy Behaviors (Questions 21-25)

21.

Is 100% of enterprise Al spend attributable to a specific team, product, or use case (not

buried in a general IT budget)?
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22.

23.

24.

25.

Does the organization have a named senior leader (CAFO or equivalent) accountable for Al

financial behavior KPIs?

Are Al behavioral cost metrics included in team performance frameworks, OKRs, or

incentive structures?

Are AIFBM KPIs reviewed by executive leadership on at least a quarterly basis?

Is AIFBM treated as a continuous organizational capability (with ongoing investment and

staffing) rather than a one-time project?

Score Interpretation:

2540

41-60

61-75

76-90

91-100

Level 1 — Unaware
Level 2 — Reactive
Level 3 — Aware

Level 4 — Managed

Level 5 — Optimized

Immediate: deploy behavioral telemetry, appoint CAFO
Urgent: establish cost attribution, publish model policy
Near-term: activate KPI dashboard, launch prompt governance
Sustain and advance: predictive analytics, incentive design

Continue: benchmarking, autonomous governance, ROBI optimization
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Appendix C: AIFBM Implementation Checklist

PHASE 1 — FOUNDATION (Months 1-3): Make Al Behaviors Visible

Instrumentation & Observability

[0 Deploy Al gateway or proxy layer across all enterprise Al platforms to capture behavioral telemetry

e [1 Confirm telemetry captures: prompt tokens, output tokens, model ID, user ID, timestamp, session ID, cost

estimate
e [ Establish cost attribution tagging standard (team ID, product ID, use-case ID) for all Al API calls
e [1 Validate attribution tagging compliance across all platforms: target 100%
e [1 Deploy behavioral telemetry data pipeline to enterprise data warehouse

Baseline Assessment

e [ Calculate baseline PDI by team and use case

e [ Calculate baseline MTAS: current model tier distribution across all Al usage

e [1 Assess current Cache Hit Rate across all production Al applications

e [ Conduct shadow Al discovery audit (expense review, network analysis, user survey)
e [1 Identify top-5 behavioral cost drivers from baseline data

e [1 Document and share behavioral baseline with executive sponsors

Governance Foundation

e [1 Appoint CAFO or Al Cost Steward with executive sponsorship

e [1 Establish Al Behavioral Analyst function (minimum 1 FTE)

e [ Publish initial Model Selection Policy (tier taxonomy + top-10 use-case mapping)
e [1 Conduct AIFBM maturity self-assessment (Appendix B)

e [1 Brief executive leadership on AIFBM framework and Phase 1 findings
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PHASE 2 — ACTIVATION (Months 4-9): Manage Al Behaviors in Near-Real Time

KPI & Dashboard

e [1 Deploy AIFBM KPI dashboard with minimum set: BCE, PDI, MTAS, BAR

e [ Configure dashboard for daily refresh; distribute to CAFO and Al Behavioral Analysts
e [1 Establish weekly behavioral review cadence for governance team

e [1 Schedule quarterly behavioral review with executive sponsors

Model & Prompt Governance

e [1 Implement automated model routing rules for top-10 use cases

e [1 Constitute Prompt Governance Council; conduct inaugural meeting

e [ Publish initial enterprise prompt template library (minimum 10 templates for top use cases)
e [1 Publish context window policy: maximum token guidelines by use case category

e [ Launch developer prompt governance training module

e [1 Deploy prompt testing sandbox environment (separate from production)

Automation Guardrails

e [ Deploy cost circuit breakers on all existing production Al automation pipelines

e [1 Establish mandatory pre-deployment review process for all new Al automation

e [ Implement caching layers for all production applications with repetitive use patterns
e [ Configure behavioral anomaly alerts for real-time notification to CAFO

Shadow Al & Feedback

e [1 Launch shadow Al remediation program: centralize access, update expense policy
e [ Activate behavioral feedback for end users (in-app cost indicators or periodic usage reports)

e [ Launch team-level Al cost performance reporting (weekly, automated)

PHASE 3 — OPTIMIZATION (Months 10-18): Institutionalize and Predict
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Deploy predictive behavioral anomaly detection (ML model trained on telemetry)
Integrate AIFBM KPIs into team OKRs and performance management systems
Launch Al cost efficiency incentive program (bonuses, leaderboards, recognition)
Extend automated model routing to all use cases

Establish external behavioral benchmarking against industry peers

Launch ROBI measurement program

Publish organizational AIFBM maturity report

Conduct annual AIFBM taxonomy and KPI review; update for new Al capabilities

Conduct second AIFBM maturity assessment; target Level 4+
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Appendix D: AIFBM KPI Reference Card

Quick reference for all 10 AIFBM core KPIs. For full definitions see Section 7.

10

KPI Name
(Abbreviation)

Behavioral Cost
Efficiency (BCE)

Prompt Density Index
(PDI)

Model Tier

Alignment Score
(MTAS)

Cache Hit Rate (CHR)

Shadow AI Exposure
Index (SAEI)

Behavioral Anomaly
Rate (BAR)

Policy Compliance
Rate (PCR)

Cost Attribution
Coverage (CAC)

Training-to-Behavior
Lag (TBL)

Return on Behavioral
Intervention (ROBI)

$ per value
unit

Tokens per
prompt

Percentage

(%)

Percentage

(%)

Percentage

(%)

Percentage

(%)

Percentage

(%)

Percentage

(%)

Days

Ratio (x:1)

Formula / Measurement

Total Al cost + Attributed

business value units

Total input tokens + Total
prompt count

(Tasks on correct tier +
Total tasks) x 100

(Cached responses + Total
API calls) x 100

Estimated shadow spend +
Total Al spend x 100

(Anomalous interactions +
Total interactions) x 100

(Compliant interactions +
Total interactions) x 100

(Attributed spend + Total
spend) x 100

Behavior change date —
Training delivery date

Annualized AIFBM savings
+ AIFBM program cost

Provisional Target
/ Benchmark

Improving QoQ

<500 standard;
flagged >2,000

>80% at L4; >90% at
L5

>40% for repetitive
patterns

<5% at Level 4+

<1% at Level 4+

>95% at Level 4+
100% — any less is
sak

<30 days (target);
improving YoY

>5:1 within 12
months

Maturity
Level

Required

Level 3+

Level 2+

Level 3+

Level 3+

Level 2+

Level 3+

Level 3+

Level 2+

Level 4+

Level 4+
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m KPI Implementation Priority
Start with: PDI, CAC, SAEI — require only basic telemetry; high immediate value.

Add next: MTAS, CHR, BAR — require routing logic and anomaly detection; medium complexity.

Advanced: BCE, PCR, TBL, ROBI — require mature attribution, value measurement, and training

infrastructure.
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Appendix E — Sources for Economic Claims

This appendix identifies retrievable sources that support the direction and plausibility of selected
economic claims in the AIFBM white paper. The cited research does not validate AIFBM-specific
maturity bands, KPI targets, scenario outcomes, or savings forecasts. Those elements are original
framework hypotheses that organizations should test and recalibrate using their own behavioral

telemetry and value baselines.

1. Cost Efficiency and Consumption Optimization

FinOps Foundation. “State of FinOps "24: Top Priorities Shift to Reducing Waste and Managing
Commitments.” February 22, 2024. https://www.finops.org/insights/key-priorities-shift-in-2024/ This
industry survey establishes optimization, waste reduction, forecasting, and commitment

management as central FinOps priorities; it does not establish a universal percentage reduction.

FinOps Foundation. “Usage Optimization.” FinOps Framework.
https://www finops.org/framework/capabilities/usage-optimization/ This capability guidance

supports matching resource consumption to usage patterns while preserving business value.

OpenAl, Anthropic, and Google Cloud provider pricing documentation.
https://openai.com/api/pricing/ ; https://docs.anthropic.com/en/docs/about-claude/pricing ;
https://cloud.google.com/vertex-ai/generative-ai/pricing These schedules demonstrate that model
selection, token volume, caching, and service configuration can create material unit-cost differences.

The 25-to-45-percent AIFBM range remains a planning hypothesis, not a provider benchmark.

2. Productivity Effects Are Material but Task-Dependent
Microsoft. “What Can Copilot’s Earliest Users Teach Us About Generative Al at Work?” Work Trend

Index Special Report, November 15, 2023. https://www.microsoft.com/en-us/worklab/work-trend-
index/copilots-earliest-users-teach-us-about-generative-ai-at-work Early users were 29% faster
across selected tasks; 70% reported feeling more productive. The 70% figure is a respondent share,

not a 70% measured productivity increase.

Dell’Acqua, Fabrizio, et al. “Navigating the Jagged Technological Frontier: Field Experimental
Evidence of the Effects of AI on Knowledge Worker Productivity and Quality.” Harvard Business
School Working Paper 24-013, 2023. https://www.hbs.edu/faculty/Pages/item.aspx?num=64700 The
study found substantial benefits for tasks within the Al capability frontier and performance

degradation outside it, supporting a task-dependent rather than universal productivity claim.

Brynjolfsson, Erik, Danielle Li, and Lindsey R. Raymond. “Generative Al at Work.” NBER Working
Paper 31161, 2023. https://www.nber.org/papers/w31161 The study of 5,172 customer-support
agents found an average productivity increase of approximately 14-15%, with larger gains among

less-experienced workers.
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3. Risk Reduction: Directionally Supported, Not Universally Quantified

National Institute of Standards and Technology. Artificial Intelligence Risk Management Framework
(AI RMF 1.0), NIST AI 100-1, January 2023. https://doi.org/10.6028/NIST.AI.100-1 The framework
supports structured identification, measurement, management, and governance of Al risk. It does
not substantiate a universal 20-to-50-percent incident-reduction range; AIFBM therefore treats risk

reduction as an expected direction of effect to be measured locally.

4. Innovation and Time-to-Value

McKinsey & Company. “The State of Al in Early 2024: Gen AI Adoption Spikes and Starts to
Generate Value.” May 30, 2024. https://www.mckinsey.com/capabilities/quantumblack/our-
insights/the-state-of-ai-in-early-2024-gen-ai-adoption-spikes-and-starts-to-generate-value The
research supports increasing adoption and emerging business value, but not a universal 20-to-60-

percent acceleration. AIFBM treats cycle-time improvement as a context-specific outcome metric.

Microsoft and LinkedIn. “Al at Work Is Here. Now Comes the Hard Part.” 2024 Work Trend Index
Annual Report, May 8, 2024. https://www.microsoft.com/en-us/worklab/work-trend-index/ai-at-
work-is-here-now-comes-the-hard-part The report supports the need to move from experimentation

toward managed business transformation.

5. Strategic Advantage and Enterprise Capability

The sources above support an association between disciplined Al adoption, organizational learning,
and value realization. They do not establish a general 15-to-25-percent enterprise performance lift. In
AIFBM, strategic advantage is therefore presented as a reasoned framework proposition:
organizations that improve value per dollar and learn faster from behavioral telemetry should be

better positioned than peers, all else equal.

6. Behavioral Cost Dynamics

Provider pricing schedules and technical documentation support the underlying mechanism: model
tier, input and output tokens, context length, caching, reasoning effort, and the number of agent
steps all affect total inference cost. Because combinations vary by workload and provider, AIFBM
does not treat a single 5-to-50-times multiplier as universal. The “20-100x per call” taxonomy
example is an illustrative exposure range that must be validated against the organization’s actual

model portfolio and usage patterns.

7. Forecast Variance

Benchmarkit and Mavvrik. “2025 State of Al Cost Management.” Survey of 372 enterprise
organizations, announced September 10, 2025. https://www.prnewswire.com/news-releases/2025-
state-of-ai-cost-management-research-finds-85-of-companies-miss-ai-forecasts-by-10-302551947.html
The study reports that 85% of respondents missed Al cost forecasts by more than 10%, and 80%
missed Al infrastructure forecasts by more than 25%. Because this is an industry-sponsored survey,

AIFBM uses it as a directional warning signal rather than a universal incidence estimate.

Technology Yield Research | © 2026 Peter Brauer | Version 1.0 | September 2026 | Page 75



8. Interpretation

Collectively, these sources support AIFBM’s direction of travel: consumption governance can reduce
waste, Al can improve productivity for suitable tasks, structured governance can reduce unmanaged
risk, and behavioral or architectural choices can materially affect inference cost. They do not
independently validate AIFBM’s proprietary taxonomy, maturity model, KPI targets, modeled
scenarios, or expected savings. Those claims remain propositions to be tested through

implementation and empirical research.
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Appendix F — How to Use This Framework

AIFBM is designed to be used as an operating framework, not adopted as a single package. Begin
with a bounded business problem, instrument the behaviors that shape its economics, and expand

only after an intervention demonstrates measurable improvement in value per dollar.

1. Select the Right Entry Point

Executive entry point. Use the Executive Summary, Sections 1, 7, 8, and 13 to frame the financial

problem, establish accountability, and define the decisions leadership expects AIFBM to improve.

Platform entry point. Use Sections 4, 5, 7, 9, and 11 to identify telemetry requirements, cost controls,

routing opportunities, and integration priorities.

Architecture and FinOps entry point. Use Sections 2, 3, 5, 6, 7, and 9 to define disciplinary
boundaries, map capabilities, and connect behavioral signals to existing cost and architecture

practices.

Governance entry point. Use Domain 5 in Section 4, Section 8, and Appendices B-D to establish

policy, accountability, assessment, and operating cadence.

2. Apply the Minimum Viable AIFBM Cycle

1. Define the outcome. Select one material Al-enabled workflow and state the business outcome,

quality boundary, and cost unit that matter.

2. Instrument the behavior. Capture model, tokens, context, actor, use case, agent steps, reuse, and

estimated cost at the interaction level.

3. Establish the baseline. Measure the current behavioral distribution before setting targets or

choosing controls.

4. Isolate a cost loop. Identify one recurring pattern—such as context bloat, model-tier mismatch,

redundant generation, or unchecked automation —with enough volume to matter.

5. Design a proportionate intervention. Choose feedback, routing, caching, training, policy, or a

technical guardrail based on the diagnosed behavior.

6. Measure value and side effects. Track both cost change and the relevant quality, productivity,

risk, or customer outcome. A cost reduction that degrades value is not success.

7. Scale what survives measurement. Standardize the intervention only after it produces a

repeatable improvement, then carry the learning into the maturity model and governance cadence.

3. Treat Targets as Starting Hypotheses

The maturity bands, KPI thresholds, roadmap timing, and modeled outcomes in this paper are

provisional design aids. They should initiate measurement, not substitute for it. Recalibrate them
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using representative telemetry, explicit cost-attribution boundaries, workload-specific quality

requirements, and agreed business-value measures.

4. Preserve the Framework Boundary

AIFBM governs the economic behavior of Al consumption. It should integrate with—not absorb—
the mandates of FinOps, Al risk management, security, privacy, MLOps, procurement, enterprise
architecture, and business-value governance. Clear interfaces strengthen the discipline; boundary

inflation weakens it.

5. Use the Figures as Working Models

Figures 3-12 are intended to support workshops and operating design. Use them to map
disciplinary interfaces, classify observed behaviors, identify telemetry gaps, locate maturity, select
KPIs, assign accountability, and sequence interventions. Do not treat the diagrams as proof of

outcomes; use them as instruments for asking better questions.

6. First 30-Day Questions

Question 1. Which Al-enabled workflow has the largest unexplained cost variance or weakest value

attribution?
Question 2. Can we identify the human, application, or agent behaviors producing that variance?

Question 3. Which behavioral signals are already available, and which require new

instrumentation?
Question 4. What quality or business outcome must be protected while cost behavior changes?
Question 5. Who has authority to intervene, and how will the intervention be reviewed?

Question 6. What result after 30 days would justify a broader AIFBM pilot?

! See Appendix E, section 7, for the survey source, reported forecast-variance figures, and

limitations.

2 See Appendix E, section 1. The 25-to-45-percent opportunity range is an AIFBM planning

hypothesis, not an externally validated benchmark.

3 See Appendix E, section 6. Agent-loop exposure depends on model price, token growth, call

frequency, orchestration, and stopping logic.

4 See Appendix E, section 6. Behavioral cost variance is mechanistically supported but workload-

specific; no universal multiplier is asserted.

5See Appendix E, sections 1 and 6, for provider pricing documentation and the limits of cross-model

cost comparisons.

¢ See Appendix E, section 6. Context-related cost effects vary with provider pricing, caching,

modality, and workload design.
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7 See Appendix E, section 2. Productivity effects are task-dependent and should not be generalized
across all workflows.

8 See Appendix E, section 3. Structured governance supports risk reduction directionally; no
universal incident-reduction percentage is asserted.

? See Appendix E, section 5. Strategic advantage is presented as an AIFBM framework proposition

rather than a universal measured performance lift.

Al Financial Behavior Management (AIFBM): A Framework for Proactive AI Cost Governance | Version 1.0

| September 2026 | Proprietary Framework — All Rights Reserved

This document contains an original proprietary framework. AIFBM, Behavioral Cost Efficiency, Prompt
Density Index, Model Tier Alignment Score, Shadow Al Exposure Index, Training-to-Behavior Lag, and

Return on Behavioral Intervention are original framework concepts.
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